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Foreword

After much debate, Congress passed the Personal Responsibility and
Work Opportunity Reconciliation Act (PRWORA) in 1996, giving
states wide latitude in designing their own welfare policies.  Significant
caseload reductions ensued nationwide, and debates over what caused
those reductions began.  As usual, there were at least two sides.  One view
was that the booming economy of the late 1990s brought about huge
reductions that would have taken place without welfare reform.  Another
view was that time limits and employment requirements encouraged
many more people to seek work than had ever been the case before.
There were, of course, many nuanced positions in between these
extremes.

In 1997, PPIC began to track this seminal change in welfare policy
with the publication of Thomas MaCurdy and Margaret O’Brien-
Strain’s Who Will Be Affected by Welfare Reform in California?  Since
then, PPIC has published six other reports on various dimensions of
welfare in California, from the basic skills of welfare recipients to the role
of disabled children in fostering family vulnerability and dependency.  In
this latest addition to that body of work, the authors find that

• California has been able to blend relatively generous benefit
levels and eligibility rules with declines in recipiency rates that
are comparable to the average for all other states.

• After 1996, the exceptional performance of the economy was not
the key factor in explaining the variation in recipiency rates
across the five largest states.  Rather, that variation was largely
due to welfare policy at the state level.

• Had welfare benefits in California been reduced to the national
average, the caseload decline would have been even greater.

• Although the state’s percentage decline in recipency rates was
lower than the national average, California moved more people
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off welfare—almost 1.4 million—than any other state in the
nation between January 1996 and June 2000.

Taken together, these findings point to a policy success.  The state
was able to balance all three sides of the iron triangle of welfare benefits,
incentives, and costs.  To be sure, benefits could have been more
generous, and some families may have suffered without the assurance of
regular benefits over a longer period of time.  And certainly smaller
grants, higher income cutoffs, and tougher sanctions would have brought
even greater savings to the state.  In general, however, the state’s
programs worked as they were designed, and few have faulted the overall
results.

The story is not over, however.  In the event of a recession, which
now appears likely, the time limits and cost consequences of such
programs as Temporary Aid for Needy Families (TANF) will set family
well-being against pressures to balance the state budget.  California’s
policy to cover child-only cases places it in the vanguard of states willing
to pick up coverage no longer compensated by federal dollars.  The
coming months and years will put TANF to yet another test, and this
one is likely to be more challenging than the ones it faced in its first five
years.  But if the immediate past is any measure of the future, the
prognosis is encouraging.

David W. Lyon
President and CEO
Public Policy Institute of California
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Summary

In the absence of other measures, California’s performance on
welfare reform is being judged on the decline in its welfare caseload.
California ranks 36th out of the 50 states and the District of Columbia
in percentage drops in welfare recipiency since the enactment of federal
welfare reform legislation.  Although the national declines in welfare
recipiency rates are unprecedented, California’s position in this ranking is
not.  Between 1989 and 1996, the state’s recipiency rate grew by 44
percent, compared to 11 percent in the median state.  Before 1996,
however, welfare rules were fairly uniform across all states with only
limited variations permitted through federally approved waivers.  The
1996 welfare reforms gave states enormous flexibility in the design of
their welfare programs.  As a result, states are now held responsible for
their program performance in a way they never were before.

How much control does a state have over the size of the welfare
caseload?  Clearly, welfare recipiency is related to many factors, such as
economic conditions and demographic trends, that are beyond the
control of program designers.  When caseloads began to drop between
1993 and 1996, the Clinton administration primarily credited the role of
federal waivers to welfare regulations that allowed early reforms in certain
states.  More recent work concluded that the improving economy was
responsible for the vast majority of these caseload drops.  Is the same true
in the postreform period?

This report examines state variation in increases in welfare recipiency
rates between 1989 and 1996—the prereform period—and in decreases
since 1996—the postreform period—to address two interrelated
questions:

• How much of California’s relatively low decline in welfare
recipiency since 1996 can be attributed to the state’s policy
choices?
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• Do factors such as economic conditions and state policies play
the same role in explaining the variation across states before and
after welfare reform?

We compare California’s performance to that of other states, especially
those with high populations and large numbers of immigrants, including
New York, Texas, Florida, and Illinois.

In the prereform period, California faced a number of challenges that
helped drive up welfare caseloads.  It had an unusually severe recession,
which precipitated a larger drop and slower recovery of wages for workers
at the bottom of the income distribution.  It also had high nonmarital
birth rates and an extremely high proportion of immigrants legalized
under the Immigration Reform and Control Act of 1986 (IRCA)—two
demographic trends that place a relatively large population at risk for
receiving welfare.1

Our analysis assesses little role for differences in state welfare policies
in explaining the wide variation in caseload growth seen across states in
the 1989–1996 period.  Compared to California, for example, Illinois—
another state with a large population and a large number of
immigrants—experienced an increase in recipiency one-sixth as large as
California’s.  Although Illinois had waivers permitting higher sanctions
and termination time limits, these waivers had virtually no effect on the
caseloads.  In fact, out of six types of waivers granted to states by the
federal government, in our empirical analysis only three appeared to have
any influence on caseloads:  full-family sanctions, termination time limits
and reduced exemptions from training and employment programs.
However, full-family sanctions and termination time limits are correlated
with state variation in recipiency rates in 1989–1992 but not in 1992–
1996—the period when the waivers were actually granted.  This pattern
suggests that waiver policies did not themselves reduce caseloads; instead,
much of the correlation between waivers and caseloads is due either to
states’ reacting to caseload changes with waivers (so the caseload changes
lead to waivers instead of the other way around) or to unobserved
____________ 

1IRCA legalized undocumented immigrants, making them eligible for welfare
benefits after a five-year moratorium.
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differences in states that affected both their recipiency rates and their
application for waivers.  Such a finding leads us to conclude that policy
differences across states in the prereform era exerted little if any influence
over caseload trends.

Economic and demographic factors, on the other hand, explain
much of state variation in changes of recipiency rates in the prereform
period, and the combined effect of these variables accounts for the gap
between California and other states.  We estimate that California’s
welfare recipiency would have increased by 45 percent of the observed
value if, for example, it had Illinois’s smaller IRCA population.  Had
California faced the same economic conditions as Illinois, which saw
both its unemployment rates and low-skilled wages improve rather than
worsen as in California, California would have had a caseload increase of
only one-third its observed value.

Since the adoption of welfare reform, the situation has changed
substantially.  California’s lagging decline in its caseload cannot be
blamed on its economy or demographics.  Whereas differences in these
factors played consequential roles in caseload dynamics before welfare
reform, after this event, a state’s Temporary Aid for Needy Families
(TANF) program became the most crucial item governing how its
welfare recipiency rates evolved relative to other regions.  State policies
differ a great deal in the generosity of their sanction and benefit levels.
More severe sanctions, especially full-family sanctions the first time a
recipient fails to comply with program requirements, are associated with
significant caseload reductions.  Less generous benefits, taking into
account both the maximum grant and the income cutoff for receiving
aid, also lead to large recipiency rate reductions.  California is one of the
most generous states on both of these dimensions.  Illinois, in
comparison, is near the middle on both measures.  These differences
account for an extra 18 percent decline in Illinois’s recipiency rate
compared to that in California.  Adding such a percentage gain to
California’s performance would bring its caseload drop above the median
for all states.

California’s decision to be relatively generous in maintaining a safety
net for children and in encouraging welfare recipients to work has
resulted in a slower reduction in welfare recipiency compared to other
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states.  This is clearly a political choice.  Low benefits and severe
sanctions reduce caseloads, but we do not yet know the price families pay
under these alternative policies.  The size of caseload drops alone will not
be the final arbiter of success in welfare reform.  If California wants to be
judged successful in designing new income-support programs, it needs to
develop more direct evidence on how its families are faring compared to
families elsewhere.
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1. Introduction

Five years after the enactment of the Personal Responsibility and
Work Opportunity Reconciliation Act of 1996 (PRWORA), caseload
declines have become the most commonly used indicator of a state’s
success in reforming welfare.  Despite the recognition that caseload
numbers say little about the economic well-being of current and former
welfare recipients, they are easily and consistently measured, allowing
comparisons over time and across states.  California does not do well by
these most commonly used measures of performance.  In particular,
comparing percentage declines in welfare recipiency,1 this state ranks
36th out of the 50 states and the District of Columbia.   Between 1996
and 2000, California’s recipiency rate fell by 43 percent, compared to the
median of 50 percent and the maximum of 86 percent.  Figure 1.1 shows
how California’s experience compares to that of other states.  Of course,
relying on alternative measures of caseload drops can improve
California’s performance ranking.  In absolute terms, California’s
recipiency rate has fallen more than that of any other state except West
Virginia.  Figure 1.2 places this aspect of California’s experience into
context, showing the pattern of level declines in TANF recipiency rates
across all states since welfare reform.  By moving from 122 cases per
1,000 women to 69, California now has 53 fewer cases per 1,000 women
than it had in 1996.  Even after this large decline, however, California’s
recipiency rate in June 2000 ranked third highest among states behind
the District of Columbia and Rhode Island, implying that one-quarter of
the national caseload resides in California.
____________ 

1Throughout this report, recipiency rates are calculated as the number of cash aid
cases per 1,000 women aged 15 to 44, a rate that therefore controls for the changes in the
population.  Before welfare reform, cash aid cases are cases receiving Aid to Families with
Dependent Children (AFDC).  After welfare reform, these are cases receiving Temporary
Assistance for Needy Families (TANF).
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Figure 1.1—Decline in Welfare Recipiency Rate Since Welfare Reform,
1996–1999

California is obviously not a typical state.  Two demographic
characteristics in particular distinguish it from many others:  the size of
its total population and the immigrant share of this population.  Both are
higher than in any other state.  How does California’s performance
compare to that of other states with large populations and larger numbers
of immigrants?  To answer this question, this report illustrates many of
its major findings by comparing California to four other states that also
have a population over 10 million people and at least 900,000 foreign-
born residents:  New York, Texas, Florida, and Illinois.  Inspecting
Figure 1.1, it is clear that neither large populations nor large numbers of
immigrants are closely linked to recipiency rate declines.  New York is
the only state of the five to do worse than California, and Texas, Florida,
and Illinois all performed above the U.S. median.
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Figure 1.2—Change in Welfare Recipiency Rate Since Welfare Reform,
1996–2000

Figure 1.3 shows how welfare recipiency rates have evolved for
California, New York, Texas, Florida, and Illinois in the past two
decades.  Figure 1.4 plots recipiency rates for California and the average
for these other states as well as for the rest of the nation.  Each rate is
shown relative to its 1989 value, which highlights the differences in
growth rates.  We see from these figures that California’s experiences
match those of the other states until the mid-1990s, when California’s
rate pulls ahead.  As a group, states with a large share of immigrants
always lead the balance of the nation in caseload increases after 1989.

If we look at the individual welfare recipiency rates for these five
states during the 1990s, presented in Figure 1.3, we see a great deal of
variation across these states throughout the period.  For example,
California has consistently had the highest recipiency rate, but Florida
experienced the greatest percentage growth in that rate early in the
1990s.  By 1992, however, Florida’s rate began to drop quickly, erasing
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its earlier growth by 1998.  Texas had a similar experience, although it
never experienced as high a growth rate.  California and New York, on
the other hand, had rising recipiency rates through 1994 and turned
around only in 1996.
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What accounts for these tremendous differences?  The current
literature focuses on the importance of two basic categories of
explanations:  economic circumstances and policy differences.  The
economy-policy tradeoff has been a source of controversy among
economists seeking to identify the determinants of national caseload
trends, particularly for the caseload decline that began nationally around
1993.  Much of the debate was triggered by a 1997 analysis by the
Council of Economic Advisors (CEA), claiming that 40 percent of the
caseload decline between 1993 and 1996 was explained by overall
economic growth, but one-third was explained by the effects of waivers
to federal regulations that permitted states to make changes to the AFDC
program.  The CEA findings have been disputed by a number of
researchers who give much greater credit to the economy and far less
credit to the waivers.  Figlio and Ziliak (1999), for example, reexamined
the data for 1993 to 1996 and concluded that the economy accounted
for three-fourths of the decline and that waivers had only negligible
effects on caseloads.

The effect of waivers on welfare caseloads is critical to the reform
debate because waivers represented the first substantial state-level
experimentation with welfare program design.  Before the introduction
of these waivers, welfare rules were consistent across states.  Other than
the generosity of the maximum grant—which in 1994 ranged from $120
per month in Mississippi to $923 in Alaska—the federal government
controlled most aspects of the AFDC program.  Around 1992, the U.S.
Department of Health and Human Services began granting a growing
number of regulatory waivers, allowing individual states to experiment
with a variety of reforms, including time limits, work requirements,
expanded earnings disregards, and increased sanctions for
nonparticipation in welfare-to-work programs.

Following the passage of PRWORA, many of these waiver
components were incorporated into newly designed state welfare
programs.  By replacing AFDC with block grants to states, called TANF,
this legislation gave states much more control over welfare program
design than was possible under even the most generous waivers.  The
flipside of this flexibility is greater public scrutiny of state outcomes.
Welfare recipiency rates, like program design, are now assumed to be
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largely under state control, making them the most convenient measure of
state performance.  The CEA critics believe that the economy, not policy
choices, explained most of the prereform variation in state recipiency
rates.  If they are correct, either the economy is still the main
determinant of recipiency rates or the policy changes embodied in post-
PRWORA programs have had a much more profound effect on
recipiency than any of the state-level policy differences in the prereform
era.

This report considers this dilemma by addressing two related
questions:

1. How much of California’s relatively low percentage decline in
welfare recipiency since 1996 can be attributed to the state’s
policy choices rather than to other factors, especially the
economy?

2. Do factors such as the economy and state policies play the same
role in explaining the variation across states before and after
welfare reform?

Chapter 2 reviews state policy differences before and after the 1996
reforms.  Chapter 3 considers trends in other factors deemed relevant for
understanding welfare recipiency rates:  economic conditions and a
variety of demographic characteristics including nonmarital birth rates,
immigration status and ethnicity, family composition of the welfare
population, and educational attainment of recipients.  Chapter 4
describes our analytical approach.  Because much of the literature to date
has focused on the prereform era, we begin our empirical analysis in
Chapter 5 with an examination of the determinants of state differences in
welfare recipiency across the 1989–1996 period, comparing these
findings to those of other authors.  Chapter 6 roughly repeats this
analysis for the 1996–2000 period, comparing the role of different
factors in the pre- and postreform periods.  We offer our conclusions in
Chapter 7.
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2. Waivers and Reform:  The
Changing Welfare Landscape
of the 1990s

By block-granting welfare funding to the states—and ending the
federal entitlement to welfare—the passage of PRWORA opened the
door to substantial state variation in the delivery of cash assistance.
State-level experimentation did exist before PRWORA, however, in the
form of federal waivers to provisions of the Social Security Act covering
the AFDC program.  Although the federal government had waiver
authority starting in 1962, both the number and the nature of waivers
granted to the states changed in the 1990s.  In this chapter, we outline
the variation in state welfare programs that existed before the 1996
reforms and how the reforms changed the welfare policy landscape at the
end of the decade.  To place California in context, we use the four largest
states (New York, Texas, Florida, and Illinois) as a comparison group.

State-Level Policy Differences Before August 1996
Historically, welfare policy was dictated at the federal level, with

states controlling little more than the generosity of the maximum aid
payment.  Of course, a higher maximum grant increased the income
cutoff for AFDC receipt, so setting the level of the maximum payment
affected the number of families eligible to receive aid.  States providing
higher grants, therefore, had relatively high recipiency rates.  In the
1980s, California’s maximum grant was consistently among the five
highest, and its recipiency rate was consistently about 38 percent above
the average for the rest of the United States.  As Table 2.1 shows, the five
example states include two of the most generous, one of the least
generous, and the median state in a ranking of the maximum benefit for
a family of three in 1996.
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Table 2.1

Prereform Maximum Benefit Levels

State
Maximum

Grant, 1996 Rank
California $607 4
New York $606 6
Texas $197 48
Florida $318 37
Illinois $396 26

Starting in the late 1980s and early 1990s, federal waivers introduced
an additional source of state variation in the AFDC program.  Before
that time, the U.S. Department of Health and Human Services rarely
granted waivers, and those early waivers each enacted only a few program
changes.  The number of waivers granted began to increase during the
Bush administration and then rose rapidly under Clinton.  In 1988, only
five states had waivers; by 1996, 40 states had waivers approved, and
another six had waivers pending or under development.  The average
number of program changes per waiver also rose, from two in 1986–
1991 to nine in 1996.  Whereas the earliest waivers had been granted to
allow formal experiments testing alternative program elements for federal
policy, by the mid-1990s waivers devolved program authority to the state
as innovators for welfare reform (Boehnen and Corbett, 1996).

The CEA (1997) focused on six major categories of waiver
provisions.  In their simplest form, they can be described as follows:

• Termination time limits eliminated benefits to either the entire
family or just the adult recipients after a given duration of
receiving benefits.

• Work requirement time limits provided benefits to adults after
the time limit only if they complied with work requirements.

• Family caps prevented the grant from increasing (or put
restrictions on the additional support) when an additional child
was born into an AFDC household.

• JOBS exemptions waivers narrowed (or in a few cases expanded)
the categories of recipients exempted from participating in the
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Job Opportunities and Basic Skills (JOBS) training program, a
requirement of the 1988 Family Support Act.

• JOBS sanctions waivers increased the penalties for
noncompliance with JOBS, typically by imposing full-family
sanctions (terminating the grant for all family members).

• Earnings disregard waivers allowed families to keep one-third of
their earnings rather than having their grant reduced dollar for
dollar with additional earnings.

Appendix Table A.1 recreates the CEA list of waiver provisions by
state.   Table 2.2 lists the types of statewide waivers in our five example
states as of August 1996.

California had two major statewide waivers in place by August 1996.
It had a waiver to increase the earnings disregard by ending the time
limit on the “$30 and a third” rule, which allowed families to keep one-
third of their additional earnings.  The state also had a waiver requiring
that adults participate in community work experience if they received
AFDC for 22 out of 24 months.  Not included in this table is the state’s
family cap waiver.  This waiver was approved in August 1996 but
implemented only as part of the state’s TANF program, so it is not
counted in the pre-TANF period.

Among our example states, Florida and Illinois also had major
waivers in the years leading up to PRWORA.   Florida had one of the
earliest and most severe termination time limits, limiting AFDC receipt
to 24 months out of any 60-month period, starting in 1994.  On the
other hand, it had an earned income disregard of over 50 percent, similar

Table 2.2

Waivers Granted Before August 1996

State

Termina-
tion Time

Limits

Work Re-
quirements
Time Limits

Family
Caps

JOBS Ex-
emptions

JOBS
Sanctions

Earnings
Disregard

California Y Y
New York
Texas
Florida Y Y
Illinois Y Y Y Y Y
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to California’s under the TANF program.  Illinois was one of six states
with waivers in at least five of the six CEA categories.  These included a
two-thirds earnings disregard, a 24-month time limit for recipients with
older children, a work requirement after one year, full-family sanctions
after the fourth instance of noncooperation, and a family cap.1

State-Level Welfare Policies Under PRWORA
The passage of PRWORA fundamentally changed the American

welfare system, moving cash welfare assistance from a federal program to
a series of state programs partially funded through federal block grants.
These block grants have some important strings attached.  States must
meet a “maintenance of effort” requirement, continuing to fund
programs for low-income families at 70 to 80 percent of the level funded
under AFDC.  TANF still requires that families include a minor child.
Benefits paid using federal funds are time-limited, and states must ensure
that a sizable share of recipients work or participate in work-related
activities.

Nevertheless, PRWORA basically devolves control of welfare to the
states.  As a result, state TANF regulations now vary on a number of
different dimensions, including whether welfare is an entitlement, how
income and assets are treated, what family members count in
determining eligibility, and what activities for how many hours count as
meeting work participation requirements.2  Perhaps the most important
distinctions have to do with the sanction policies, the generosity of
benefits, work requirements, and time limits—the same key components
that showed up in welfare waivers.  Appendix Table A.2 shows our
categorization of states on these four dimensions.

Table 2.3, which shows key TANF features for our comparison
states, demonstrates much of the range of state policies in the postreform
era.  California has the third highest maximum grant in the nation and
____________ 

1Florida’s time limit waiver policy applied in eight counties and Illinois’s waivers
made statewide program changes.

2A detailed listing of state regulations on most major elements of TANF (as well as
other assistance programs) is provided through the State Policy Documentation Project at
http://www.spdp.org.
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Table 2.3

Selected TANF Program Features

State
Maximum

Granta
Earnings
Limitb

Immediate
Work Re-
quirement

Full-Family
Sanction

Lifetime
Limit

(months)
California $626 $1,477 60 (adults)
New York $577 $1,157 60c

Texas $197 $317 Y 60
Florida $303 $806 Y Immediate 48
Illinois $377 $1,131 Eventual 60

aFor a family of three with no earnings.
bFor a family of three in 13th month of earnings.
cAfter 60 months, the grant continues but 80 percent becomes a noncash basis.

the highest income cutoff for aid receipt.  At the opposite extreme, Texas
has the fourth lowest grant and the third lowest income cutoff.  Illinois
combines a relatively low grant with a generous earnings disregard,
creating a high income cutoff.   On other features, New York has the
lowest penalties for noncompliance and remaining on aid.  Like
California recipients, New York recipients do not face full-family
sanctions.  After 60 months, California removes the adults from the
grant, but New York continues the grant, although most of it is
converted to noncash payments such as rental vouchers.  In contrast,
Florida has an immediate full-family sanction (Illinois has a milder
sanction to start and then escalates to a full-family sanction), and a 48-
month lifetime limit on receiving aid.

For simplicity, it is helpful to summarize state policies by grouping
states according to their benefit generosity and sanction policies.  We
define three levels of benefit generosity (see Table 2.4).  Low benefit
means that a recipient would no longer qualify for benefits if he or she
fulfilled the participation requirement by working at a minimum wage
for the minimum number of hours.  High benefit means that the income
cutoff for a family of three is at least $1,000 per month in earnings and
the maximum grant is at least $400.  Benefits that do not meet the low
or the high criteria, such as those in Illinois, are classified as moderate.
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Table 2.4

Categorization of TANF Program Parameters

Program Characteristic
Classified as: Sanctions Benefits
High Full-family sanctiona at first

instance of noncompliance
Earned income cutoff > $1,000 and

maximum benefit > $400 per month
Moderate Full-family sanction at later

instance of noncompliance
Earned income cutoff < $1,000 or

maximum benefit < $400 per month
Low No full-family sanction Maximum grant < federal minimum

wage earnings at minimum hours
require to count for federal
participation standards

aGrant terminated or suspended for all adults and all children in aid unit.

Similarly, we group sanction policies into three categories, where a low
sanction state never applies full-family sanctions; a moderate sanction
state starts with partial grant sanctions and escalates to termination of the
entire family; and a high sanction state applies full-family sanctions
immediately.

Table 2.5 assigns all 50 states and the District of Columbia to nine
benefit generosity-sanction severity categories.  The upper left corner
represents the most generous states on these two dimensions; the lower
right corner represents the least generous.  Our five states fall into four
different cells.  California and New York are both in the upper left.
Florida is a moderate benefit but high sanction state; Texas is a low
benefit and low sanction state.  Illinois is in the middle on both
dimensions.  We will return to this categorization in our empirical
findings on postreform recipiency rates in Chapter 6.

Summary
To understand how welfare policies affect state performance in

reducing welfare recipiency, we need to consider the role of state policy
differences both before and after welfare reform.  Before the passage of
PRWORA, state variation derived from differences in the maximum
grant levels and from the application of federal waivers to AFDC
regulations.  By 1996, most states had at least one waiver in effect,
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Table 2.5

Categorization of State TANF Programs by Sanction Policies
and Benefit Generosity

Sanctions

Generosity of Benefit

Low (14 states
and the District
of Columbia)

Moderate
(22 states)

High
(14 states)

High
(14 states)

Alaska
California
Hawaii
Maine
New Hampshire
New York
Rhode Island
Washington

Oregon
Connecticut
Massachusetts
Utah
Vermont

Wisconsin

Moderate
(19 states and the
District of Columbia)

District of
Columbia

Indiana
Minnesota
Montana

Arkansas
Illinois
Iowa
Nevada
New Jersey
New Mexico
North Dakota
Pennsylvania
South Dakota

Florida
Kansas
Michigan
Nebraska
Ohio
Oklahoma
Virginia

Low
(17 states)

Kentucky
Missouri
Texas

Alabama
Arizona
Colorado
Delaware
Georgia
Louisiana
North Carolina
West Virginia

Idaho
Maryland
Mississippi
South Carolina
Tennessee
Wyoming

waiving federal rules in the areas of time limits, sanctions, exemptions
from work and training requirements, family caps, or earnings disregards.
These same areas cover many of the important distinctions in state
TANF policies since welfare reform, although the states have much more
flexibility in how and to whom these policies apply.
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3. Demographic and Economic
Trends of the 1990s

To understand welfare recipiency patterns during the 1990s, we
must recognize that welfare policy was not the only factor changing
during this period.  The United States experienced a recession in the
early 1990s followed by the longest economic expansion of the postwar
era.  At the same time, significant demographic changes affected the
number of families “at risk” of receiving welfare, including unmarried
mothers and low-skilled immigrants.  In this chapter, we review each of
these factors for the periods before and after welfare reform, examining
both the national trends and the state-by-state variation.  As with the
welfare policies described in Chapter 2, we will continue to compare
California to the same four states to understand the variation across these
states.  Data sources and variable constructions for the economic and
demographic data are described in Appendix A.

The Economy
The economy has been consistently strong in the postreform period.

Between August 1996 and June 2000, for example, unemployment fell
from 5.4 percent to 4.0 percent in the United States and from 7.2
percent to 4.9 percent in California (Figure 3.1).  This strong economy,
however, started well ahead of welfare reform.  After two years of
economic recession in the early 1990s, U.S. unemployment peaked at 7.4
percent in 1992.  At the time of passage of welfare reform, the U.S.
economy was in the fourth year of economic recovery.  Thus, from a
macroeconomic perspective, the important distinction is between the
1989–1992 recession period and the 1993–2000 recovery period.

The national economic picture, however, hides large state-to-state
differences.  In much of the country, the recession was relatively mild.
Figure 3.2 maps the magnitude of the recession by state.  The 23 states
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shown in white experienced an unemployment increase of less than two
percentage points.  Texas falls into this group.  Seven of these states,
mostly on the Plains, actually had declining unemployment rates.  The
recession was felt the most strongly in California and the Northeast,
where unemployment rates rose by more than four points between 1989
and the recession peak.

Our five comparison states all experienced strong economic recovery.
Between 1992 and 1999, all five states had 3 to 4 percentage point
declines in unemployment rates.  California and New York, which had
the most severe and most persistent recessions, had not returned to their
1989 unemployment rates by 1999.  The other states had both greater
unemployment in 1989 and lower unemployment in 1999.  For
example, in Texas, the 1989 unemployment rate was 6.7 percent,
compared to 4.6 percent in 1999.  California’s 1999 unemployment rate
was 5.2 percent.

To understand welfare recipiency, additional economic measures
may also provide valuable information.  For example, the wages available
to low-skilled workers are an indication of the strength of the job market
for former recipients.  One strategy to track low-skilled wages is to use
the 20th percentile wage.  The 20th percentile wage is defined as the
wage rate that divides the top 80 percent of workers ranked by wages
from the bottom 20 percent of workers.  In other words, one-fifth of
workers earn less than the 20th percentile wage.  Nationally, low wages
by this definition declined from 1991 through 1996, then rose sharply
from 1996 to 1999, as shown in Figure 3.3.  Low-skilled wages in
California followed a similar pattern, lagging the national trend with a
more pronounced decline in the early 1990s and a smaller rise in the late
part of the decade.

Between 1989 and 1999, California and New York were both
among a handful of states that experienced real wage declines during this
period, suggesting a difficult period for low-skilled workers (see Figure
3.4).  Northeastern states also showed wage declines.  The job market
was only slightly better in Illinois and Florida—two states with less than
3 percent wage growth over the period.  Other states fared much better
during the 1990s.  Low wages rose by 6 percent in Texas.  Smaller states,
especially in the Midwest, achieved real wage increases of over 10
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percent.  Our analysis in Chapters 5 and 6 examines the degree to which
these differences in low-skilled wage growth explain any of the changes in
recipiency rates during the 1990s.

Demographic Trends
In examining California’s caseload trends (MaCurdy, Mancuso, and

O’Brien-Strain, 2000), we identified two demographic factors that
appeared to influence California’s welfare recipiency rates:  nonmarital
births and immigration status as it related to the Immigration Reform
and Control Act of 1986 (IRCA).  Recognizing that the California
experience may not be typical, we examine in this section the relative
magnitude of these demographic factors for the country as a whole and
for our example states.

The nonmarital birth rate factor is clearly linked to welfare
recipiency rates, given that the absence of a parent has traditionally been
a criterion for welfare eligibility.  As Figure 3.5 illustrates, the nonmarital
birth rate in the United States and in California (measured as number of
births to unmarried women per 1,000 women aged 15 to 44) was
climbing in the early 1990s—the continuation of a trend established
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in the 1980s.  The national growth rate slowed significantly in the
middle of the decade with small declines in 1995 and 1997, and it
actually decreased in California.

A state with more unmarried mothers may expect to have higher
welfare recipiency rates all else being equal.  At the same time, the
availability of welfare may encourage births to unmarried mothers, either
by encouraging additional births or discouraging marriage.  Therefore, if
we see nonmarital birth rates and recipiency rates rising together, it is
difficult to assign one as the cause of the other.  To capture the role of
nonmarital birth rates in driving welfare recipiency rates, rather than the
other way around, we will focus on births in the years leading up to our
analysis period, rather than contemporaneous births.  Thus, our analysis
will incorporate nonmarital birth rates for 1985 to 1989 to examine the
link between them and welfare recipiency rates after 1989.

Figure 3.6 maps the average annual number of births to unmarried
mothers per 1,000 women aged 15 to 44 for 1985 through 1989.  States

>18 (15)

13 to 18 (20)

<13 (16)

Figure 3.6—Nonmarital Birth Rates, Annual Average, 1985–1989
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are divided into three groups:  high, medium, and low rates.  High rates
are a feature common to all five of the largest states.  Although high
nonmarital birth rates occur across the entire southern tier of states, they
are less common outside the South.  Other than Illinois and New York,
the only places with a nonmarital birth rate above 17 per 1,000 women
were the District of Columbia, Maryland, Delaware, and Alaska.

Our earlier results also pointed to IRCA as a major demographic
change that may explain the increased recipiency rates in the early 1990s.
IRCA legalized 2.7 million undocumented immigrants residing in this
country, making these legalized immigrants eligible for welfare after a
five-year moratorium on benefits.  Immigrants legalized under IRCA
were more likely to be poor than immigrants who entered legally, and the
legalizations may have encouraged resident immigrants to apply for
benefits for their citizen children even if they themselves were barred
from aid receipt.  IRCA may also have led to additional entries as
legalized immigrants brought their families to the United States.

California alone received over half of the immigrants legalized under
IRCA—a total of 194 legalized immigrants for every 1,000 women aged
15 to 44 living in California.  Although all five comparison states
received among the highest per capita numbers of IRCA legalizations,
even Texas, the second highest IRCA state, had only half as many
legalized immigrants as California.

Besides nonmarital births and IRCA legalizations, a number of other
demographic characteristics may indicate the likelihood of cases leaving
the rolls.  States with particularly hard-to-employ caseloads could
experience faster growth and slower decline in welfare recipiency rates in
the future.  As we discuss in the next chapter, our analysis includes four
such measures:  the percentage of cases with a child aged 0 to 2, the
percentage of cases with three or more children, the percentage of aided
adults who are not U.S. citizens, and the percentage of aided adults with
0 to 9 years of schooling.  Child care may be a significant barrier to
employment for parents of very young children or a large number of
children.  Adults with little schooling or poor English language skills may
be less employable than other adults.

California ranks above the national average on each of these
indicators of hard-to-employ cases (see Table 3.1).  Linked with the high
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Table 3.1

Share of Caseload with Selected Demographic Characteristics

Share of AFDC/TANF
Caseload with

Share of AFDC/TANF
Adults

State
3 or More
Children

Children
Under Age 2 Noncitizen

0 to 9 Years
of Schoola

1989
California 27 41 23
Florida 25 41 10
Illinois 29 35 2
New York 26 39 12
Texas 32 38 7

National average 25 37 3
1996

California 27 34 32 22
Florida 24 39 11 18
Illinois 29 43 6 10
New York 23 37 21 19
Texas 25 37 14 30

National average 26 35 5 16

NOTE:  States ranking in the top five are indicated in boldface.
aYears of schooling available for 1998 only.

share of IRCA immigrants, California had the highest share of noncitizen
cases in the nation.  In 1989, noncitizens headed almost one in four
AFDC cases in California.  By 1996, this share had increased to nearly
one in three.  However, California does not rank in the top five states on
any of the other measures.

Summary
The welfare waivers and eventual passage of PRWORA occurred

against a backdrop of economic and demographic changes that also
influenced welfare recipiency during the 1990s.  We entered the decade
with many more families at risk of receiving welfare, because of rising
nonmarital birth rates and the legalization of largely disadvantaged
immigrants under IRCA.  On the other hand, the recession that opened
the decade was followed by the longest economic boom in the postwar
period.  Still, it took longer for the good economy to be reflected in wage
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growth at the bottom of the wage distribution:  Low-end wages remained
below their 1991 levels in 1999 in both California and the United States
as a whole.

Table 3.2 summarizes where California stood in comparison with
large states in terms of the recession, wage growth, nonmarital birth rates,
and IRCA legalizations.  On all four measures, California was positioned
for higher caseload growth and more difficulty in moving families into
employment:  The recession was severe, low-skilled wages were falling,
nonmarital birth rates were high, and the state’s share of IRCA
legalizations very high.  In contrast, some smaller states fared well on
most of these measures, including the states with the largest caseload
declines since welfare reform:  Wyoming (in percentage terms) and West
Virginia (in levels).  Both of these states escaped the recession,
experienced low nonmarital birth rates, and were relatively unaffected by
IRCA.

How much do these economic and demographic factors explain pre-
or postreform differences in state performance on welfare recipiency?   In
the next chapter, we review our methodology in addressing this question.

Table 3.2

Summary of Economic and Demographic Conditions in the Large States

State Recession
Wage

Growth
Nonmarital
Birth Rate

IRCA
Legalizations

California Severe Negative High Very High
New York Severe Negative High Moderate
Texas Mild Moderate High High
Florida Moderate Low High High
Illinois Moderate Low High High
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4. Research Approach

Our analysis examines the role of economic, demographic, and
policy factors in explaining the differences between state caseload trends.
As our basic measure of caseload trends, we use changes in recipiency
rates defined, as before, as the number of AFDC/TANF cases per 1,000
women aged 15 to 44.  To isolate the effects of the various factors, we
rely on multivariate regression analysis.  In this chapter, we detail our
analytical approach.

Basic Approach:  Cross-Section Analyses of the Pre-
and Postreform Periods

For the results presented in the following two chapters, we rely on
cross-section analyses of recipiency rate changes experienced by the 50
states and the District of Columbia in two different periods:  1989–1996
and 1996–2000.  For each state, we compare the recipiency rates in July
1989 to those in August 1996 to construct a measure of the prereform
caseload change, expressing this in level and percentage terms.  Similarly,
we compare state recipiency rates in August 1996 to those in June 2000
(the last month of our data).  Using these measures, we employ ordinary
least squares regression analysis to estimate the role of different factors in
explaining the different state experiences.

This cross-section approach differs from those used by researchers
such as Figlio and Ziliak (1999) who create time-series models with
complex lag structures.  Nevertheless, our technique recognizes the role
of dynamic relationships linking economic conditions and caseload
trends.  A key difference between our approach and the time-series
approach is that we focus on the longer-term effects of economic or
demographic conditions rather than capturing the shorter-term effects of
changes in volatile measures such as unemployment rates.  We cannot
use this strategy to predict where recipiency rates will be six months from
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now, but we can use it to explain state-to-state differences in broad
trends.

Prereform Variables
To understand changes in state recipiency rates before welfare

reform, we use regression analysis to separate the effects of the state
policy differences described in Chapter 2 from the economic and
demographic trends described in Chapter 3.  The specific measures we
included are described below, with detailed definitions provided in
Appendix A.

Welfare Policy Variables
Our analysis uses seven welfare policy indicators, six of which

describe whether a state had welfare waivers in the six major areas
identified by the CEA:

• Full-family sanctions,
• Termination time limits,
• Work requirement time limits,
• Changes to earnings disregards,
• Changes to JOBS exemptions,
• Family caps,

as well as

• The change in the real value of the maximum aid payment.

Economic Variables
Our key economic variables are the unemployment rate and low-

skilled wage rates.  Because changes in unemployment are likely to have
delayed effects on welfare recipiency, we compare the average
unemployment rate for the period one year before our July 1989 start
(the average for August 1988 to July 1989) to the average for the year
before the passage of welfare reform (the average unemployment rate for
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September 1995 through August 1996).1   Our measure of the change in
low-skilled wages is the difference between the 1996 and 1989 annual
estimate of the 20th percentile of the state wage distribution calculated
from Current Population Survey data.

Demographic Variables
Our demographic variables are intended to capture both changes in

the likelihood that families in a given state will qualify for benefits (other
than because of economic conditions) and state differences in the ability
of its caseload to move into the workforce.  Thus, we include variables
that address the demographic characteristics of the AFDC caseload as
well as changes in the at-risk population as described in Chapter 3:

• Nonmarital birth rate (averaged for 1985 to 1989),
• Number of IRCA-legalized immigrants (normalized by the

female population aged 15 to 44),
• Percentage of AFDC cases with an Asian, black, Hispanic, or

Native American head in 1989,
• Percentage of AFDC cases with very young children (aged 0 to

2) in 1989, and
• Percentage of cases with three or more children in 1989.

Postreform Variables
Our analysis of state recipiency rate declines after welfare reform

considers a set of variables roughly parallel to those used in the prereform
estimation, with timing adjusted to reflect our August 1996 to June 2000
analysis period.  In particular, we again use unemployment and low-
skilled wages.  We also use the same demographic characteristics with the
following modifications.  First, because preliminary estimations suggested
____________ 

1This specification can be thought of as including lagged unemployment rates over
the previous 12 months, where the distributed lag structure weights the previous monthly
values equally and truncates the lag values at 12 months.  In this way, it has direct
parallels to the more complicated lag structures used by other authors.  We tested
alternative periods for averaging the unemployment rate, including the 6-, 12-, 18-, 24-,
and 30-month periods before the beginning and end points of our analysis period.  Our
results were not sensitive to the period chosen.
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that any effects of IRCA legalizations on entrance to the caseload had
largely died out by 1996, we drop this variable from the later analysis.
However, we add another variable to allow for differences in the
probability that citizens and noncitizens leave the caseload, including in
the estimation the percentage of aided adults who are not U.S. citizens.
We also include the percentage of aided adults who have completed less
than 10 years of schooling, information not available in the earlier
period.2

As discussed in Chapter 2, welfare reform allowed much greater
flexibility in the design of state programs.  This very flexibility makes it
difficult to characterize the variation in state policies concisely.  We start
out with four policy categories:

• High, moderate, or low severity sanction policies,
• High, moderate, or low benefits,
• Immediate work participation required or not, and
• Lifetime time limit on benefits.

The division of sanction and benefit policies follows the formulation
described in Chapter 2.  We also include an indicator for whether a state
is one of the 24 that require immediate adult participation in work
activities at the time of enrollment in the TANF program.  Federal
TANF regulations require work activities within 24 months, but states
may choose an earlier time frame.  Finally, we group states based on their
lifetime limit on welfare receipt.  Most set the lifetime limit equal to the
federal limit of five years (60 months), but some set their limit for a
shorter period, such as Florida’s 48-month limit, and a few have no
lifetime limit on aid receipt, at least not for children.  We also explored
including variables measuring the change in the maximum benefit level
and the change in the earned income eligibility cutoff from August 1996
____________ 

2In 1989 data on state AFDC caseload characteristics, 20 states do not have
education data for 80 percent or more of the adults in the sample.  By comparison, in the
1998 data, only five states do not have education data for more than half of the adults in
their TANF characteristics sample.  In contrast to the other demographic variables, we do
not have adequate 1996 education data, hence our reliance on the 1998 data.  Education
data were not available for Delaware, so this state was dropped in specifications that
included the education variable.  Estimation results were not sensitive to this exclusion.
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to March 1999 for a family of three, but preliminary analysis showed
that we could exclude these variables when the specification included the
high/moderate/low benefit variable.
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5. Factors Influencing
California’s Prereform
Recipiency Rate

Between July 1989 and August 1996, U.S. states experienced an
average 15 percent increase in welfare recipiency, or 7.5 more cases per
1,000 women aged 15 to 44.  The largest increase occurred in the
District of Columbia, which gained a stunning 67 percent or 76.3 cases
for every 1,000 women.  California’s 44 percent increase was three times
higher than the average.  Among the five largest states, the rate increases
ranged from a low of 7 percent in Illinois to a high of 51 percent in
Florida (Table 5.1).  During this same period, however, 17 states actually
had caseload declines, with Wisconsin declining 36 percent.

What accounts for these different state performances before welfare
reform?  In this chapter, we examine how much of the variation can be
explained by the economic and demographic differences discussed in
Chapter 3 compared to the policy changes, especially welfare waivers,
discussed in Chapter 2.  We start by considering the differences between
1989 and 1996, but we also break this period into two parts:  the
recession period of 1989 to 1992 and the welfare waiver period of 1992

Table 5.1

Recipiency Rate Changes in the Largest States, 1989–1996

Recipiency Rate Change
State 1989 1996 Level Percentage
California 85.4 122.8 37.4 44
New York 79.6 103.9 24.2 30
Texas 45.5 55.8 10.3 23
Florida 45.2 68.3 23.1 51
Illinois 77.2 82.8 5.6 7
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to 1996.   The discussion in this chapter draws on the regression results
included in Appendix B.

1989–1996:  Economy and Demographics Explain
Recipiency Rate Increases1

In the years leading up to welfare reform, California’s unusually high
recipiency rate increase is largely explained by its poor economy
combined with a growing at-risk population.  Together, the observed
demographic, economic, and policy changes explain nearly three-quarters
of the state-to-state variation in recipient rate increases during the early
1990s.  The key factors in explaining this variation appear to be
unemployment, low-skilled wages, the share of IRCA immigrants, and
the maximum benefit level.  Once we control for these factors, welfare
waivers appear to explain relatively little of the state differences.  We
discuss each of these findings in turn.

Both of our measures of state economic conditions are closely linked
to the welfare recipiency rate changes.  Starting with unemployment, we
estimate that a one percentage point rise in the unemployment rate over
this seven-year period would have increased recipiency rates by nearly 10
percent.2   Turning to the wage data, it appears that a one dollar decrease
in wages at the 20th percentile is associated with a 16 to 18 percent
increase in the recipiency rate.  To put this into context, California’s
unemployment rate rose 2.4 percent between 1988–1989 and 1995–
1996.  Low-skilled wages in this state fell by $0.90.

A larger IRCA population also plays a consequential role in
explaining variation in the 1989–1996 trends across states in recipiency
rates.  Across the 50 states and the District of Columbia, states had an
____________ 

1Each regression was estimated for both percentage changes (version “A” of the
tables) and level changes (version “B”) in recipiency rates.  The findings in this section are
drawn from Appendix Tables B.1.A and B.1.B.

2Our estimate of the role of unemployment is higher than estimates for the national
caseload trend based on the time-series models.  Unemployment increases that are above
the national average may have a particularly strong effect, but this discrepancy may also
reflect our focus on the 1991–1992 recession.  The time-series models typically
incorporate data for the 1981–1982 recession as well; welfare restrictions in 1981
significantly dampened recipiency responses to the unemployment increases during that
period.
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average of 19.9 legalized immigrants for every 1,000 women aged 15 to
44 in their population.  At this average, IRCA immigration increased
recipiency rates by about 4 percent.  Since California’s IRCA population
was about 10 times larger than that of the average state, this finding
implies that IRCA contributed an increase of 38 percent to California’s
recipiency rate.  These additional cases may or may not represent IRCA
immigrants themselves coming onto welfare.  The legalizations may have
induced other poor immigrants to enter the country or possibly reduced
economic opportunities for natives.

California’s “baseline” caseload demographics do not help to explain
the state’s high percentage increase in welfare recipiency in the 1989–
1996 period.  Take, for example, nonmarital birth rates.  When we look
at level changes in recipiency rates, the nonmarital birth rate enters as a
significant determinant of state differences, but the magnitude of the
effect is small.  When we look at percentage changes (which weights
changes more heavily in states with lower recipiency rates to start with),
nonmarital birth rates appear to have little explanatory power.  More
surprising is the effect of having a caseload with a high proportion of
large families.  Intuition suggests that large families may have more
difficulty leaving aid, so we expected this percentage to contribute to
higher recipiency rate increases.  However, we find that this factor acted
to dampen recipiency rate increases.  This effect suggests that California’s
relatively high share of cases with large families was a slight
countervailing factor during the run-up in welfare recipiency in the
prereform period.  Other baseline demographic characteristics have little
effect on the change in recipiency rates seen during this period.

The policy with the clearest effect is changes in the maximum benefit
level.  By our estimates, a $100 decrease in the real value of the
maximum grant would reduce the welfare recipiency rate by 21 percent.
In general, maximum benefit levels fell during this period—the average
decline was $56—tending to offset other factors that increased recipiency
rates.  Although this finding is consistent with economic principles—
more families become eligible and welfare becomes more attractive as the
benefit level rises—as we note below, it does not hold for the entire
period.
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The estimated effects of waivers are more difficult to interpret.  We
eliminated the waivers that seemed to have the least explanatory power,
leaving full-family sanctions, termination time limits, and JOBS
exemptions.  Taken together, these three waivers appear to have affected
recipiency rates, although individually none of them had large enough
effects to be considered statistically significant.3  Because all three place
restrictions on receiving assistance and make it easier for families to lose
benefits, we would expect all three of these types of waivers to reduce
caseloads.  However, we find that termination time limits appear to
increase recipiency rates, although the other two seem to reduce
recipiency.  We explore the reasons for this unexpected difference in the
next section.

Subperiod Findings Discount the Role of Policy
We can better understand the dynamics behind the 1989–1996

findings by breaking the period into two parts.  There are four reasons
for this.  First, between 1989 and 1996, welfare recipiency nationally
rose through 1994 and then turned around.  Second, the early years of
this period encompass a significant economic recession, with a period of
recovery in the later years.  Third, most of the welfare waivers were
granted after 1992, so their effects should show up only in the second
half of the period.  Finally, the CEA report, and its critics, focused on the
1993–1996 period.  Because of these considerations, we reestimated our
models for two subperiods:  July 1989 to August 1992 and August 1992
to August 1996.

The difference in these two periods shows up in the level and
percentage changes in recipiency rates for the five largest states, shown in
Table 5.2. Unlike the earlier period, three out of the five states
____________ 

3More specifically, we performed the F-test for exclusion of the work requirement
time limit, earnings disregard, and family cap waiver variables and could not reject the
null hypothesis.  The remaining three waivers (full-family sanctions, termination time
limits, and JOBS exemptions) have coefficient estimates of roughly similar magnitude,
each on the boundary of statistical significance, barely or not quite meeting traditional
tests for rejecting the hypothesis that the coefficients are equal to zero.  Yet F-tests show
we can reject the hypothesis that all three are equal to zero.
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Table 5.2

Recipiency Rate Changes, 1989–1992 and 1992–1996 Subperiods

Change in Recipiency Rates
Recipiency Rate 1989–1992 1992–1996

State 1989 1992 1996 Level Percentage Level Percentage
California 85.4 113.5 122.8 28.2 33 8.9 8
New York 79.6 95.6 103.9 16.0 20 7.4 8
Texas 45.5 64.7 55.8 19.2 42 –9.3 –14
Florida 45.2 87.7 68.3 42.5 94 –19.4 –22
Illinois 77.2 85.1 82.8 7.9 10 –2.1 –2

experienced recipiency rate declines in the 1992–1996 period.  California
and New York, however, continued to experience increases.

The most striking finding when we look at these subperiods is the
result on the estimated effects of AFDC waivers:  Both full-family
sanctions and termination time limits are statistically significant in the
early period, but not in the later period.4  This is surprising because these
waivers were generally not implemented before 1992.   If the waivers
genuinely reduced recipiency rates, we would expect these variables to
have no explanatory power in the first period (when they were not in
place) and have greater explanatory power in the second period than
across the entire 1989–1996 period.  In fact, we found the opposite,
suggesting that the correlation between waivers and recipiency rates
actually reflects the effects of earlier reforms in states that were later
granted these waivers, or perhaps more likely, suggests that the caseload
dynamics prompted states to apply for these waivers, a reverse causality
from what we had previously assumed.   These alternatives may also
explain why the termination time limits appeared to increase recipiency,
rather than decrease it, as expected.  It may be that states with large
percentage caseload increases were more likely to seek time limit waivers.
For the 1992–1996 period, we find that none of the waivers mattered for
caseload trends.
____________ 

4Regression results for the 1989–1992 period are presented in Appendix Tables
B.2.A. and B.2.B.  Results for 1992–1996 are presented in Appendix Tables B.3.A and
B.3.B.



36

The subperiod analysis also tempers our conclusions on maximum
benefit levels.  Changes in the real benefit levels appear to have strong
effects in the 1989–1992 period, showing the same magnitude as for the
period overall.  However, no such relationship holds for the 1992–1996
period, where changes in the maximum benefit level show no link to
changes in recipiency rates.  This inconsistency suggests that the effect of
the real benefit level is overstated in the full prereform period findings
reported above.

The strong effects of the economy hold up in the subperiod analysis,
but findings on the demographic variables are weakened if we look only
at these shorter periods.  When we drop the waivers from the regression
for the early period, we continue to find large and significant correlations
between welfare recipiency and changes in unemployment and wages,
although the IRCA variable no longer shows a clear link with recipiency
increases.  Similarly, both economic factors—changes in unemployment
and low wages—are strongly linked to the variations in state recipiency
rates between 1992 and 1996, but neither the IRCA population nor the
nonmarital birth rate helps explain these variations.5

Explaining California’s Recipiency Rate Increase
How can we use these findings to explain the change in California’s

welfare recipiency rate between 1989 and 1996?   The regression results
allow us to calculate how much of the increase in California’s recipiency
rate is explained by each of our demographic, economic, and policy
factors.

To understand the role of these factors, we compare California to
Illinois.  Illinois is a valuable comparison case because, like California, it
has a large population and a large share of immigrants.  However,
Illinois’s recipiency rate increased only 7 percent between 1989 and
1996, whereas California’s increased 44 percent.

As Table 5.3 shows, these two states experienced substantially
different economic, demographic, and policy conditions.  California’s
unemployment rate in 1996 remained well above—and real wages at the
____________ 

5For the 1992–1996 period, we use the birth rate averaged for 1988 to 1992, when
birth rates were higher than the 1985–1989 average.
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Table 5.3

Comparison of Key Explanatory Factors for California,
Illinois, and the Average State, 1989–1996

Variable California Illinois
Average

State
Unemployment rate 2.37 –0.79 0.06
Low wages –$0.90 $0.06 –$0.14
Nonmarital birth rate

(average 1985–1989)
18.4 19.6 15.7

IRCA rate 193.7 54.2 19.9
Percentage with 3 or more

children (FFY 1989)
26.5 29.1 24.6

Maximum benefit level –$219.74 –$26.52 –$51.70
Waiver:  full-family sanctions No Yes N/A
Time limits No Yes N/A
JOBS exemptions No No N/A

20th percentile remained well below—their 1989 level.  By contrast,
Illinois experienced modest improvement over the period in both
economic measures.  Although the two states had similar baseline
nonmarital birth rates, California experienced a much higher rate of
IRCA immigration.  Although California cut real benefit levels much
more sharply, Illinois implemented two of the three key types of waivers
(full-family sanctions and time limits).

Figure 5.1 illustrates how California’s recipiency rate would have
changed if the state’s experiences had been more like those of Illinois in
1989–1992 and in 1992–1996.6  The left-most bar in Figure 5.1 shows
the actual increase in California’s recipiency rate.  The next three bars
show what California’s increase would have been if it had (1) the same
____________ 

6We use the regression estimates from the two prereform subperiods, rather than the
results for the full period.  As noted above, the full-period results appear to overestimate
the effects of the real benefit levels. The subperiod estimates imply more plausible effects
for benefit levels:  The 1989–1996 model estimates that California’s $220 reduction in
real benefit levels induced a 45 percent reduction in the caseload.  The two subperiod
estimates predict merely a 16 percent decline.  Despite our concerns about the direction
of the causal relationship between waiver policies and recipiency rate changes, we do
include the waiver estimates in this comparison.  However, because Illinois implemented
waiver policies that had offsetting effects in each time period, the simulations are
essentially unaffected by the inclusion of these variables.
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Figure 5.1—Estimated Recipiency Rate Growth in California Under
Alternative Assumptions

welfare policy changes as Illinois, or (2) the same demographics as
Illinois, or (3) the same economic conditions.  By examining how the
column height changes as we switch from California to Illinois values, we
can understand the contribution of policy, demographics and the
economy.  The last bar indicates that, if California had faced the same
conditions along all three dimensions during this period, its recipiency
rate would have increased by only 8 percent instead of 44 percent.  (The
percentage change would not have fallen all the way to Illinois’s 7
percent because Illinois had lower growth than predicted by the model.)

The most critical finding is that none of California’s higher
recipiency rate increase relative to that of Illinois is due to its welfare
policy.  In fact, these results imply that California’s rate would have
increased by an additional 21 percentage points if the state had instituted
the same welfare policies as Illinois.  That is, the recipiency rate would
have increased substantially more if California had not cut its grant level
by $219 in real terms over this seven-year period.  Illinois slightly
increased its nominal grant amount, although not by enough to keep up
with inflation.  Illinois’s waivers did little to hold down its recipiency
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rate:  The waivers together slightly increase the estimated percentage
change in the recipiency rate, because the estimated effect of the
termination time limits is larger in magnitude and of opposite sign to the
effect of full-family sanctions.

The demographic variables tell a different story.  If California had
Illinois’s smaller IRCA population and larger proportion of cases with
three or more children, its recipiency rate change would have been about
28 percentage points lower than it actually was—more than enough to
offset the predicted increase from adopting Illinois’s grant level and
waiver policies.  If California had the same policy changes and the same
demographic circumstances as Illinois, its recipiency rate increase would
have been 37 percent instead of 44 percent (the sum of an extra 21
percent from policy minus a 28 percent decrease from demographics).

Compared to the demographic variables, economic conditions
explain a somewhat greater share of the difference between Illinois and
California in this period.  If California had Illinois’s declining
unemployment rate and increasing real low-end wages, its recipiency rate
would have increased by only 14 percent.  This figure assumes, of course,
that the state would have instituted the same grant cuts, which it was not
likely to have done without the pressure of the poor economy and rapidly
rising recipiency rates.

Comparison with Earlier Findings
Because we are only examining the determinants of the state

variation in recipiency rate changes rather than trying to build a model
that explains the national trends, we are asking a somewhat different
question than the one posed in much of the economics literature on
caseload changes in the 1990s.  Nevertheless, these findings are
consistent with much of that work.

Starting with the increases of the early 1990s, the Lewin Group
(1997) examined determinants of caseload growth (using time-series
regressions) on data from 1979 to 1994.  Their results include specific
simulations for California, where they report a much stronger
contribution of labor market variables to caseload growth in the state
relative to that in the nation, because of California’s deeper and longer
recession.  They also found a significant role for IRCA.
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In the wake of the 1997 CEA report, a number of articles focused
specifically on the role of waivers compared to other factors.  In a 1999
update, the CEA backed off its original assignment of one-third of the
caseload decline resulting from waivers.  Its revised estimate is 12 to 15
percent.  However, Blank (1997), a member of the CEA in 1997, notes
that caseload declines are correlated with waivers but more than half of
the apparent effect precedes implementation.  She also finds that recent
immigrants and a rise in the number of families headed by single women
help explain the increase in caseloads in the early 1990s.  A later paper
extending the data to 1996 (Blank and Wallace, 1999) still finds
program effects but again finds bigger effects for the economy.  The
authors report that a 1 percent increase in unemployment increases
caseloads by 6 percent.  Finally, as noted above, Figlio and Ziliak (1999)
reassess the original CEA findings, developing a time-series model for
1987 to 1996 with multiple period lags in both recipiency rates and
unemployment rates.  They conclude that three-fourths of the 1993–
1996 declines are due to the macroeconomy, with only negligible waiver
effects.  Unlike the CEA, they do not include benefit levels, although
they report that this exclusion does not affect the results.

Summary
Between 1989 and 1996, California’s recipiency rate rose by 37.4

cases per 1,000 women aged 15 to 44.  This increase was more than six
times greater than the rise in Illinois, another large, high-immigrant state.
According to our estimates, none of this difference can be attributed to
differences in the welfare policies of the two states.  In fact, California’s
increase would have been much larger if it had not decreased real benefit
levels.  Furthermore, if California had experienced Illinois’s economic
conditions, it would have had a caseload increase of only 14 percent.
Our estimates suggest that California’s higher-than-average
unemployment rate increase pushed our recipiency rate up 14 percent,
and our larger-than-average wage loss for low-wage workers increased
recipiency by 16 percent.  Finally, California’s huge number of IRCA
legalized immigrants appeared to have a significant effect on welfare use,
increasing recipiency by 30 percent more than a state receiving the
average share of IRCA immigrants.
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Although three out of the six types of waivers appear correlated with
recipiency rates over the 1989–1996 period, two are correlated with
recipiency in the 1989–1992 period, but not in the 1992–1996 period,
which is when most waivers were implemented.  This pattern suggests
that either recipiency rate changes led states to seek waivers or that states
that sought waivers had other circumstances that affected their recipiency
rates.
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6. Understanding California’s
Performance in the
Postreform Era

California’s unusually high increase in welfare recipiency in the
prereform era was largely due to factors outside the control of state
policymakers.  In fact, the major policy choice that appears to have
mattered was cutting grant levels, which held down the state’s recipiency
rate.  With the passage of PRWORA, states now have much greater
flexibility in determining welfare policies.  California has experienced a
very large decrease in recipiency rates, but in part because of its high
recipiency going into the reform era, this decrease translates into a
relatively small percentage reduction.  Among states with large
populations and large shares of immigrants, only New York has had a
smaller percentage decline in caseloads (Table 6.1).

In this postreform era, do welfare policies play a larger role in
explaining variation between California and other states in recipiency
rate changes?   Our regression analysis examines the determinants of
recipiency rate changes between August 1996 and June 2000 (the last

Table 6.1

Recipiency Rate Changes, 1996–2000

Recipiency Rate Change
State August 1996 June 2000 Level Percentage
California 122.8 69.5 –52.9 –43
New York 103.0 61.0 –42.0 –40
Texas 55.5 27.9 –27.6 –50
Florida 68.4 20.3 –48.1 –70
Illinois 83.0 31.4 –51.6 –62
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period of our data).1   We primarily focus on explaining differences in
the percentage changes, although where appropriate we also consider
explanations for differences in level changes in recipiency rates over this
period.  The complete regression findings are included as Tables B.4.A
through B.5.B in Appendix B.

1996–2000:  Strong Sanctions and Low Benefits
Lower Recipiency Rates
Welfare program design plays an important role in explaining why some
states have experienced large percentage declines in recipiency rates.
Using our definitions of high, moderate, and low sanctions and benefits,
we saw above that California’s TANF program is categorized as high
benefit, low sanction.  Our analysis permits us to predict how much
larger the percentage recipiency rate declines would have been if
California had selected a different sanction or benefit strategy.  Most
notably, states that impose immediate full-family sanctions and have low
benefits reduced recipiency by 36 more percentage points relative to high
benefit states that never impose full-family sanctions, as shown in the
bottom right box of Table 6.2.  These results imply that California might
have decreased its recipiency by 79 percent instead of 43 percent had it
imposed these more severe policies.

In fact, as Table 6.2 shows, every alternative policy combination is
associated with greater recipiency reductions, although only those in
boldface are statistically significant.  Compared to California’s strategy,
states with high sanctions reduced recipiency by 26 to 37 percentage
points.  The high benefit, high sanction policy that had the greatest effect
compared to California’s policies actually applies to Wisconsin only, so it
is difficult to generalize from this result.  However, moderate sanctions
combined with low benefits had similar effects, reducing recipiency by an
additional 31 percentage points.  Even moderate sanctions alone—
____________ 

1We also tried alternative starting dates for the beginning of the TANF period such
as various times in 1997 rather than in the summer of 1996, with results essentially
identical to the findings reported here.  According to DHHS, 24 states implemented their
TANF programs in 1996, and 24 additional states implemented by July 1, 1997.  Only
California (January 1, 1998), New York (November 1, 1997), and Wisconsin (September
1, 1997) implemented later.



45

Table 6.2

Additional Percentage Decline in Recipiency Rates from
Increasing Sanctions or Decreasing Benefits

Sanction

Benefit

Low (14 states
and the District
of Columbia)

Moderate
(22 states)

High
(14 states)

High (14 states) — 9 37
Moderate (19 states and the

District of Columbia) 2 18 26
Low (17 states) 15 31 36

NOTE:  Boldface indicates that the difference is statistically significant
at 95 percent confidence.

associated with a 9 percent reduction in recipiency—would move
California just above the national median.

The estimated effects of sanction policies should not be surprising,
given that full-family sanctions remove families from the welfare rolls
even (or especially) in the absence of any behavioral changes.  For
example, DHHS statistics indicate that in federal fiscal year 1998, 30
percent of caseload exits in Florida (a high sanction state in our
classification) were closed because of full-family sanctions.  Several other
high sanction states had comparable rates of closure because of sanctions
in 1998.2  Thus, the available data on state sanction rates under TANF
are consistent with the magnitude of the sanction effects we identify in
Table 6.2 (and Appendix Tables B.5.A and B.5.B).3

Like high sanctions, much of the effect of low benefits is also
mechanical rather than behavioral.  To see why being a low benefit state
results in substantial caseload reductions, compare California with Texas,
as in Table 6.3.  Although both states implemented lenient TANF
sanction policies, they have very different policies with respect to benefit
levels and earned income disregards.  A California family can earn up to
____________ 

2U.S. Department of Health and Human Services (1999), Table 9-31.
3Furthermore, the timing of breaks in state caseload trends and the time of TANF

program implementation, in particular for the four states with the largest percentage
decline in recipiency (Wisconsin, Idaho, Wyoming, and West Virginia), point to the
importance of TANF policies in driving caseload trends in the TANF era.
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Table  6.3

Recipiency Rate Declines, Earnings Cutoff, and Share of
Recipients with Earnings, California and Texas

Percentage Decline
in Rate, August

1996 to June 2000

Monthly Earnings
Cutoff, Family of 3,

March 1999

Percentage of
Adult Recipients
with Earnings,

FFY 1999
California –43 $1,589 41
Texas –50 $308 5

$1,589 a month without losing TANF benefits (middle column of Table
6.3), but a Texas family loses benefits if its earnings exceed $308 a
month, based on each state’s earned income cutoff after six months with
earnings for a family of three.  In other words, a family would have to
work 40 hours per week at $9.25 per hour to lose TANF income
eligibility in California.  The same family in Texas would lose TANF
eligibility working just 14 hours per week at $5.15 per hour (the federal
minimum wage in June 2000).  With the highs earned income cutoff, 41
percent of aided adults in California had earnings in FFY 1999.  By
contrast, the cutoff is so low in Texas that only 5 percent of aided adults
had earnings in FFY 1999.  At the same time, Texas has experienced a
greater percentage decline in recipiency under TANF than California (50
percent versus 43 percent).

As this comparison suggests, moving recipients from welfare to work
results almost entirely in caseload reductions in low benefit states but
results in a mix of caseload reductions and increases in the proportion of
working recipients in high benefit states.  Since all state TANF programs
now emphasize “work first,” low benefit states have an automatic
advantage over high benefit states in reducing welfare recipiency.
On the flip side, looking across the groups of high, moderate, and low
benefit states, we find a consistent relationship between benefit levels and
the share of recipients with earnings.  The higher the benefit level, the
greater the proportion of aided adults in unsubsidized employment
(Figure 6.1):  15 percent of aided adults in low benefit states are involved
in unsubsidized employment, compared to 28 percent in moderate
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Figure 6.1—Percentage of Aided Adults in Unsubsidized Employment,
FFY 1999

benefit states, 33 percent in all high benefit states, and 41 percent in
California.4

The Economy and Demographics Explain Little
Postreform State Variation

In the post-TANF era, economic factors—which were key in
explaining pre-TANF differences—are much weaker in explaining state
differences in recipiency rate declines, whether measured by
unemployment or by wages.  In particular, state-by-state changes in
unemployment rates between 1996 and 2000 are not significant
determinants of state-by-state changes in recipiency rates in any of our
analytical specifications.5  Unemployment levels as of 1996 do help
____________ 

4See U.S. Department of Health and Human Services (2000), Table 3.3.A.
5In fact, the sign of the coefficient on the change in unemployment is sometimes

negative and sometimes positive.
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explain the level differences in welfare recipiency declines, where states
with higher initial rates of unemployment experienced larger level
declines in recipiency.  This may reflect that welfare caseload increases
that were driven largely by the recession were also more likely to leave aid
as the economy improved.   It may also distinguish states that recovered
economically later and therefore experienced greater caseload declines
after 1996 rather than in the 1994–1996 period.

As with the pre-TANF era, we also examined the effects of changes
in low-skilled wages.  Economic theory suggests that higher low-skilled
wages indicate an increase in labor demand and also provide an
additional incentive for recipients to leave the rolls.  Yet, for the 1996–
2000 period, higher wages for the bottom 20 percent of workers are
linked to higher welfare recipiency rates, not lower.  In other words, in
all our specifications, the changes in wages by state have estimated effects
in the opposite direction from economic theory and from what we saw
for the pre-TANF years.   However, it is important to note that neither
the levels nor the changes in low-skilled wages are ever remotely
statistically significant in the post-TANF analyses.

The central lesson we take from these empirical findings is that the
standard relationships linking economic conditions and the evolution of
welfare caseloads found in the prereform period do not apply after
welfare reform.  From a formal statistical perspective, one can mostly
ignore economic factors altogether in explaining the extent to which
welfare caseloads declined across states.

Demographic characteristics are also less important in the postreform
era than earlier.  Three demographic factors appear to matter in some
specifications:  the share of the caseload with three or more children, the
nonmarital birth rate, and the share with young children (aged 2 or
younger).  As with the pre-TANF analysis, the finding for the share of
the caseload with three or more children is counterintuitive:  States with
more large families on the caseload had greater level caseload declines.
Nonmarital birth rates, on the other hand, have the expected effect in the
TANF era, as they did earlier.  States with higher rates in the years
leading up to welfare reform had lower declines in caseloads, although
this factor shows up as significant only in some specifications for
percentage changes in recipiency rates, where one additional birth per
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1,000 women increased caseloads by just under 1 percent.  Unlike the
pre-TANF period, the fraction of the caseload with young children (aged
2 or younger) appears as a systematic determinant of caseload trends in
the post-TANF period.  A higher value of this fraction tends to increase
the growth in caseloads, meaning that a larger share of young families
mitigates the extent to which caseloads declined in the post-TANF
period.  This may result in part from the barriers that parents of very
young children face in joining the labor force, but it also reflects the
policy choice enacted by the majority of states to exempt parents of
young children, typically under age 1, from required work activities.
Finally, the noncitizen share of the caseload does not appear to be a
significant determinant of state variations, although it is interesting that
this factor enters with the opposite sign from that in the prereform
period.

Explaining California’s Recipiency Rate Decline
Between August 1996 and June 2000, California’s recipiency rate fell

by 43 percent, below the national average of 51 percent.  How would
circumstances differ if California had experienced different economic or
demographic trends or chosen different TANF policies?  In this section,
we repeat the exercise conducted in the last chapter, comparing
California to the “average” state.6  Previously, we compared California to
Illinois, because of the dramatic differences between the largest states and
the rest of the United States.  In the TANF era, however, these
demographic conditions appear much less important.

Figure 6.2 starts on the left-hand side with California’s actual
recipiency rate decline, indicated on the first bar.  The remaining bars
show how much greater (or smaller) the state’s recipiency rate change
might have been under alternative scenarios.  First, consider what would
have happened if California’s economy had experienced the
unemployment and low-skilled wage dynamics as the average.  As the
second bar shows, this alternative would have had little effect on our
recipiency rates, consistent with the low correlation between economic
____________ 

6The results in this section are drawn from the specification in column 7 of
Appendix Table B.5.A, including all variables whether or not coefficients were significant.
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Figure 6.2—Estimated Recipiency Rate Decline in California Under
Alternative Assumptions

characteristics and postreform caseload declines.  To the degree there is
an effect from these economic factors, it is to reduce rather than increase
the recipiency rate decline.  What if, instead, California had had the same
demographic characteristics of the average state?  Our analysis suggests
that, under these alternative circumstances, California would have
actually experienced a smaller caseload decline than actually occurred.

Thus, both economic and demographic circumstances contributed to
increasing the decline in California’s welfare caseload over what would
have occurred had it experienced the average situation of other states.
This stands in sharp contrast to the role of these forces in the prereform
years when they led to California’s having one of the highest caseload
increases.  As noted above, the fact that California’s poorer economy
apparently assisted its caseload decline may reflect its later economic
recovery relative to that of the average state, leading to more of
California’s recovery occurring during the initial years of welfare reform.
California’s demographic conditions, especially the size of its noncitizen
caseload, also contributed to a greater caseload decline.  This suggests
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that much of the IRCA-induced run-up in state caseloads was
temporary.7

As we saw in Table 6.2, alternative policy choices would have
significantly increased California’s caseload reduction.  Had California
chosen the same policies as the average state, its caseload decline would
have been greater than 60 percent.  These policies alone explain the gap
between California’s performance and the national average, since
combining all the average state characteristics leads to the national
average of 51 percent—a decline that falls between California’s actual
and its potential under alternative policies.

Economic Factors Affect the National Trend Overall
Our analysis examines the differences across states in the postreform

era.  Yet many of the most dramatic changes in welfare caseloads appear
to be common to all states.  These dramatic changes surface as one
common effect—a large and negative “intercept”—in our regression
analysis.  This national trend toward substantially lower caseloads is thus
separated out of our regression results, which focus on the effects of the
smaller, state-to-state differences in the economy, demographics, and, of
course, welfare policy.  In particular, the booming economy of the late
1990s surely reduced caseloads in all states.  This point holds true
regardless of our finding that differences in economic performance across
states do little to explain difference in state caseload declines.8

The national trend toward lower caseloads may also be driven in part
by common effects of welfare reform.  For instance, virtually every state
adopted a work-first approach to employment services, despite the
variation in the time frames for mandatory engagement in work
activities.  All states may also be “benefiting” from an increased stigma
associated with welfare receipt.  Of course, we cannot distinguish among
the factors that may be causing the large common downward trend in
____________ 

7An alternative explanation might be that cases associated with IRCA immigrants
were disproportionately two-parent cases, and the two-parent caseload declined much
more rapidly than the balance of the caseload in the second half of the 1990s.

8It may be the case that economic conditions did not differ significantly enough for
our regression analysis to detect the effect of state-level economic conditions.
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caseloads.  However, our empirical results clearly imply that variation in
state TANF policies is the key factor driving variation in state welfare
caseload declines.  For states such as California that have adopted benign
TANF policies, the factors driving the national trend toward lower
caseloads account for most of the state-specific caseload decline.  Thus,
our findings are consistent with the argument that common welfare
reform effects or the improved economic conditions nationally largely
explain California’s welfare caseload decline, with more rigorous state-
level policies accounting for larger declines elsewhere in the country.

Comparison with Earlier Findings
Because welfare reform is young, relatively few studies have looked

specifically at the postreform performance of states.  Studies of caseload
declines before welfare reform were clearly done to inform our
understanding of TANF results, but as long as the economy remains
strong, it is difficult to isolate the role of the economy and reform in the
national trend.  However, we can link our results to two studies that
examined the 1996–1998 period.  First, the 1999 update by the CEA
extended its 1997 time-series analysis to include data through 1998.  It
concluded that 8 percent of the 1996–1998 decline can be attributed to
low unemployment rates and another 10 percent to increases in the
minimum wage.  The CEA estimates the effects of waivers and TANF
policies together; in other words, its estimation procedure does not
distinguish between policies put in place as waivers and policies put in
place under TANF.  The CEA finding on earnings disregards fits with
our finding on high benefits, concluding that this policy increases
recipiency.  Like us, CEA finds that strong sanctions reduce
participation.  On the other side of the political aisle, Rector and Youssef
(1999), writing for the Heritage Foundation, examine percentage
caseload reductions between January 1997 and June 1998, using a cross-
section regression strategy similar to ours.  They conclude that stringent
sanctions and immediate work requirements are associated with large
percentage drops in caseloads.  The first conclusion accords with our
results, although we did not find the same effects of work requirements.
As with our results, they do not find a significant effect of
unemployment rates.
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Summary
California’s recipiency rate has fallen more slowly than average in the

TANF era.  Economic and demographic factors outside the control of
state program designers do not explain California’s relatively small
percentage caseload decline under TANF.  In the 1996–2000 period,
policy choices appear to be the main determinants of state variation in
recipiency rate declines.  More severe sanction strategies, especially full-
family sanctions at the first instance of noncompliance, are associated
with significant caseload reductions.  Less generous benefits, taking into
account both the maximum grant and the income cutoff, are also linked
with larger recipiency rate reductions.  California is among the most
generous states on both of these criteria.  Had California chosen policies
more like the national average, it would have experienced recipiency rate
declines over 60 percent, instead of around 40 percent.  For example,
Illinois, a moderate sanction, moderate benefit state, experienced an extra
18 percent decline in recipiency, controlling for demographics and
economic factors.  The economy and other factors that are common
across states explain the nationwide trend toward significantly lower
recipiency but do not explain state-level differences.
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7. Conclusions

In the early 1990s, welfare recipiency rates in California increased
relative to those in other states; since welfare reform, the drop in its
caseload has lagged behind most states.  What explains California’s poor
performance in reducing its welfare caseload?  Our empirical analysis
indicates that the principal factors contributing to these trends differ
before and after welfare reform.  Before the passage of PRWORA, a
state’s economy and demographic characteristics played consequential
roles in its caseload dynamics.  With the advent of TANF, the features of
a state’s welfare program became the most critical factors influencing the
decline of its caseload relative to that of other states.

In the 1989–1996 period, California’s caseload climbed as much as
50 percent, more than twice the national average.  A portion of this
greater growth reflects the deeper and longer recession experienced by
California compared to other areas of the country.  During this recession,
workers at the low end of the wage distribution were particularly
disadvantaged.  These workers saw their real hourly wages drop 90 cents
between 1989 and 1996—a period that saw wages for similar workers in
the average state decline by only 13 cents.  In addition to these poor
economic conditions, California also had a relatively large population at
above-average risk of welfare recipiency:  a significant segment of
unmarried women who gave birth and a sizable number of poor
immigrants legalized under the 1986 Immigration Reform and Control
Act.  We found demographic factors (particularly IRCA) and the
economic downturn to have played important roles in driving up
California’s recipiency rate.

Economics and demographics—measured by unemployment rates,
low-skilled wage levels, nonmarital birth rates, and immigration—explain
most of the state variation in changes in recipiency rates in the prereform
period, and the combined effect of these variables accounts for the gap
between California and other states.  According to our estimates for the
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pre-TANF period, if California’s values for the changes in economic and
demographic variables were replaced by values experienced by the average
state, California’s recipiency rate would have decreased by 5 percent from
1989 to 1996.  This decrease stands in sharp contrast to the 44 percent
rise that actually occurred over this seven-year period.

Only a small part of this predicted decrease would have been the
result of policy changes.  The only policy contributing to the decrease is
California’s substantial cut in grant levels over this period—about $220
per month in real terms.  However, these grant reductions are unlikely to
have occurred in a better economy.  In addition, the relationship between
grant reductions and caseload declines is inconsistent across the time
period.  In general, welfare waivers appear to explain little of the state
variation in welfare recipiency before welfare reform.

In fact, our evidence clearly indicates that California’s extraordinarily
large IRCA population and the severity of its mid-1990 recession
contribute markedly to the growth in its caseloads during the pre-TANF
years.  Consider California in contrast to another state with a large
population and large share of immigrants.  Our estimates suggest that
California’s welfare recipiency would have increased by only 45 percent
of its actual value had California had the same small IRCA population as
Illinois.  California’s dismal economic circumstances account for an even
more substantial portion of its higher-than-average caseload growth.  We
estimate that had California faced the same economic conditions as
Illinois, its caseload increase would have been cut by two-thirds.

Over the 1996–2000 period, California’s caseload dropped by 43
percent, falling short of the 50 percent median for all states.  Economic
conditions and demographic factors play virtually no role in explaining
why California lagged behind other states in lowering its caseload in the
postreform period—in fact, California had relative favorable conditions
in these dimensions.  This is not to say that California’s strong economic
upturn in the mid-1990s contributed little to reducing its caseloads, nor
does it necessarily imply that economic forces had different effects before
and after welfare reform.  Instead, our empirical findings indicate that
differences in state welfare policies far dominate differentials in state
economic and demographic characteristics when comparing the
performances of states in decreasing their welfare caseloads; policy
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choices account for two to three times the variation in state caseload
trends than is attributable to economic and demographic factors.

California’s relatively generous TANF policies go most of the way
toward accounting for its low ranking.  PRWORA gave states
considerable flexibility over their program design, and states adopting
more severe sanctions and less generous benefits experienced greater
declines in their caseloads in the postreform era.  In the design of its
TANF program, California selected a higher benefit, lower sanction
program than other states.  In particular, California established a 50
percent earned income disregard which, combined with a relatively high
maximum grant level, creates the highest earned income cutoff in the
country.  By precluding full-family sanctions, the state also has one of the
mildest sanction policies, especially compared to other states that remove
an entire family from the grant the first time a recipient does not comply
with program requirements.

Overall, our findings reveal a significant association between policy
choices and welfare recipiency rates.  When we compare California’s
combination of high benefits and low sanctions to those in other states,
we discover that almost all other combinations reduce predicted welfare
recipiency rates more than California’s.  In particular, our results suggest
that if California had adopted the opposite strategy of high sanctions and
low benefits, its recipiency rates would have dropped an extra 36
percentage points.  Thus, California’s comparatively weak performance
in reducing welfare recipiency in the postreform era is primarily the
result of its policy choices.

If recipiency rates were the ultimate measure of welfare reform’s
success, this conclusion would suggest that California should change its
policies.  However, recipiency rates should not be the final yardstick of
success in welfare reform.  Low benefit levels and stringent sanctions
certainly reduce caseloads, but this reduction may well come at the cost
of substantially lower income for families and reduced well-being for the
children of former welfare recipients.  Researchers are just beginning to
collect data that can address the question of the well-being of families
who leave welfare, and we are much further from knowing how these
outcomes relate to state policies.  Moreover, in their selection of policies,
the designers of California’s new welfare program not only intended to
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encourage welfare recipients to work but also to support current
participants while working.  The state’s high benefit strategy certainly
achieves this goal—California leads almost all states in the percentage of
aided adults involved in unsubsidized employment.  In the final
accounting, if we want to understand California’s successes and
shortcomings relative to other states, we need to learn a great deal more
about outcomes on many more fronts.
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Appendix A

Variable Definitions

1. Caseload measures:  We constructed monthly state AFDC/TANF
recipiency rates using caseload data from DHHS and population
data from the U.S. Census Bureau.  Recipiency rates are defined to
be the total AFDC/TANF caseload per 1,000 women aged 15 to 44.
We used both the level and percentage change ((current – base)/base)
in the recipiency rate in our regression analysis.

2. Wage rates:  We used the annual estimate of 20th percentile of state
wage distribution from Economic Policy Institute calculations using
Current Population Survey data.  We used differenced one- and two-
year averages of real wage rates in the regression analysis.

3. Unemployment:  We used monthly unemployment rates (not
seasonally adjusted) obtained from the Bureau of Labor Statistics.
We used differenced 12- and 24-month averages of unemployment
rates in the regression analysis.

4. Nonmarital birth rates:  Nonmarital birth counts were constructed
from annual public use natality files prepared by the National Center
for Health Statistics.  The rates were normalized per 1,000 women
aged 15 to 44 and averaged over a five-year period including the base
month (e.g., 1985–1989 in the pre-TANF regressions).  We made
adjustments for California and Texas to reflect changes in methods
for determining mother’s marital status.

5. IRCA immigration rates:  Data on IRCA immigration counts by
state of intended residence were obtained from the Immigration and
Naturalization Service.  Counts were normalized per 1,000 women
aged 15 to 44.

6. AFDC/TANF caseload demographic measures:  Measures of the
share of cases with children under age 2, cases with three or more
children, noncitizens, adults who have 0–9 years of schooling, and
adults by race/ethnicity are drawn from case characteristics data
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reported to the DHHS.  Data before FFY 1997 were obtained from
DHHS’s annual AFDC characteristics reports.  Data for FFY 1999
were obtained from DHHS (2000).

7. Pre-TANF policy measures:  Data on maximum benefit levels
(three-person assistance unit) and state waiver activity were obtained
from DHHS.  Benefit levels were normalized to March 1999 dollars,
and we used differences in real benefit levels in the regression
analysis.

8. TANF policy measures:  Data on state TANF policies were obtained
from the Administration for Children & Families, U.S. DHHS.  We
identified “high,” “moderate,” and “low” sanction states according to
the following classification scheme:  high sanction states implement
full-family sanctions after a single episode of noncooperation with
work program requirements; moderate sanction states implement
full-family sanctions only after multiple episodes of noncooperation;
and low sanction states implement maximum partial-grant sanctions.
We partitioned states into high, moderate, and low benefit categories
based on maximum benefit levels and earned income cutoffs.  Low
benefit states were defined to have earned income cutoffs below $558
per month for a family of three after six months with earnings.1  We
defined high benefit states to have earned income cutoffs above
$1,000 per month for a three-person assistance unit after six months
with earnings, and a corresponding maximum benefit level above
$400.  States that do not fall into the high or low benefit categories
were classified as moderate benefit states.

____________ 
1This cutoff level is equivalent to 25 hours per week of employment at $5.15 per

hour.  The one-parent work participation requirement in effect in March 1999 was 25
hours per week, and the federal minimum wage at that time was $5.15 per hour.  Thus,
low benefit states are those in which full adult participation in employment at the
minimum wage will move an assistance unit with one adult and two children off aid.
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Table A.1

Waiver Provisions Granted Before August 1996, by State

State
Full-Family

Sanction
Termination
Time Limit

Work Requirements
Time Limit

Earnings
Disregard

JOBS
Exemption

Family
Cap

Alabama — — — — — —
Alaska — — — — — —
Arizona — — — — — Y
Arkansas — — — — — Y
California — — Y Y — —
Colorado — — Y Y — —
Connecticut Y Y — Y Y Y
Delaware Y Y Y Y Y Y
District of Columbia — — — — — —
Florida — Y — Y — —
Georgia — — — — — Y
Hawaii — — — — — —
Idaho — — — — — —
Illinois Y Y Y Y — Y
Indiana — — — Y Y Y
Iowa Y Y — Y Y —
Kansas — — — — — —
Kentucky — — — — — —
Louisiana — — — — — —
Maine — — — — — —
Maryland — — — — — Y
Massachusetts Y — Y Y Y Y
Michigan Y — Y Y Y —
Minnesota — — — Y — —
Mississippi Y — — Y — Y
Missouri — — Y Y — —
Montana — — Y Y Y —
Nebraska Y Y — — Y —
Nevada — — — — — —
New Hampshire — — — — — —
New Jersey — — — — Y Y
New Mexico — — — — — —
New York — — — — — —
North Carolina — — — — — —
North Dakota — — — — — —
Ohio — — — — — —
Oklahoma — — — — — —
Oregon Y — — — Y —
Pennsylvania — — — — — —
Rhode Island — — — — — —
South Carolina — — — — — —
South Dakota Y — Y — — —
Tennessee — — — — — —
Texas — — — — — —
Utah Y — — Y Y —
Vermont — — Y Y Y —
Virginia Y Y Y Y Y Y
Washington — — — — — —
West Virginia Y — — — — —
Wisconsin Y Y — Y Y Y
Wyoming — — — — — —
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Table A.2

TANF Program Characteristics, by State

Full-Family Sanction Benefits Immediate Work Time Limits
State Immediate Eventual Low Moderate High Requirement = 60 mo
Alabama — Y Y — — Y Y
Alaska — — — — Y — Y
Arizona — Y Y — — — Y
Arkansas — Y — Y — Y Less
California — — — — Y — —
Colorado — Y Y — — — Y
Connecticut — Y — — Y Y Less
Delaware — Y Y — — — Less
District of Columbia — — — Y — — Y
Florida Y Y — Y — Y Less
Georgia — Y Y — — Y Less
Hawaii — — — — Y — Y
Idaho Y Y Y — — Y Less
Illinois — Y — Y — — —
Indiana — — — Y — — Y
Iowa — Y — Y — Y Y
Kansas Y Y — Y — Y Y
Kentucky — — Y — — — Y
Louisiana — Y Y — — — Y
Maine — — — — Y — Y
Maryland Y Y Y — — Y Y
Massachusetts — Y — — Y Y —
Michigan Y Y — Y — Y —
Minnesota — — — Y — — Y
Mississippi Y Y Y — — — Y
Missouri — — Y — — — Y
Montana — — — Y — — Y
Nebraska Y Y — Y — Y Y
Nevada — Y — Y — — Y
New Hampshire — — — — Y Y Y
New Jersey — Y — Y — — Y
New Mexico — Y — Y — Y Y
New York — — — — Y — Y
North Carolina — Y Y — — — Y
North Dakota — Y — Y — — Y
Ohio Y Y — Y — — Less
Oklahoma Y Y — Y — Y Y
Oregon — Y — — Y Y Y
Pennsylvania — Y — Y — — Y
Rhode Island — — — — Y — —
South Carolina Y Y Y — — — Y
South Dakota — Y — Y — Y Y
Tennessee Y Y Y — — Y Y
Texas — — Y — — Y —
Utah — Y — — Y Y Less
Vermont — Y — — Y — Y
Virginia Y Y — Y — Y Y
Washington — — — — Y Y Y
West Virginia — Y Y — — — Y
Wisconsin Y Y — — Y Y Y
Wyoming Y Y Y — — Y Y
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Appendix B

Regression Results

This appendix provides detailed ordinary least squares regression
results for the analyses described in Chapters 4 to 6.  Our estimation
conducts a simple cross-section analysis using data on changes (i.e., on
first differences) experienced by the 50 states plus the District of
Columbia (51 observations).  The regressors are described in Chapter 3
with additional information provided in Appendix A.   The dependent
variable in each regression is the change in welfare recipiency rates
between the beginning date and end date of the analysis period.   Each
regression is conducted using the change measured in levels or percentage
terms, with separate tables for each:

A—Percentage change in recipiency rates
B—Level change in recipiency rates

The regression results are then presented in five sets of tables:

Determinants of state variation in the pre-TANF period:

Tables B.1.A and B.1.B, July 1989 to August 1996
Tables B.2.A and B.2.B, July 1989 to August 1992
Tables B.3.A and B.3.B, August 1992 to August 1996

Determinants of state variation in the post-TANF period:

Tables B.4.A and B.4.B, August 1996 to June 2000
Tables B.5.A and B.5.B, August 1996 to June 2000, interacted

Each table presents four to nine different specifications.  The preferred
specifications discussed in Chapters 5 and 6 are indicated with an
asterisk.

The treatment of lagged economic variables creates an important
distinction between our cross-section approach and time-series models
with complex lag structures that are commonly used to describe the
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Table B.1.A

Determinants of State Variation in the Pre-TANF Period:  Dependent Variable—
Percentage Change in Welfare Recipiency Rate, July 1989 to August 1996

(t-statistics in parentheses)

Specification
Independent Variables 1 2 3 4 5 6

Economic Factors

∆ Unemployment rate (av. 0.077 0.104 0.100 0.093 0.099
8/88–7/89) – av. (9/95–8/96)) (2.64) (4.75) (3.69) (3.60) (4.75)

∆ 20th percentile wage –0.093 –0.210 –0.177 –0.162 –0.159
(1989–1996) (–1.09) (–2.88) (–2.24) (–2.13) (–2.30)

Demographic Factors
Nonmarital birth rate 0.009 0.016 0.0004 0.002 –0.004

(av. 1985–1989)) (1.02) (1.40) (0.05) (0.27) (–0.74)
IRCA legalization rate 0.001 0.0006 0.001 0.001 0.002

(0.80) (0.41) (1.07) (1.18) (2.50)
% with 3 or more  children –0.020 –0.040 –0.014 –0.013 –0.014

(FFY 1989) (–1.73) (–3.24) (–1.33) (–1.29) (–1.88)
% with child aged 0–2 0.0003 0.008 0.003 0.003

(FFY 1989) (0.03) (0.91) (0.43) (0.52)
% black case head –0.0003 –0.001 –0.001 –0.002

(FFY 1989) (0.16) (–0.53) (–0.55) (–0.83)
% Hispanic case head 0.004 0.006 0.001 0.0009

(FFY 1989) (1.12) (1.56) (0.34) (0.33)
% Asian case head 0.003 0.009 –0.002 –0.001

(FFY 1989) (0.81) (2.23) (–0.44) (–0.33)
% Native American case head 0.002 –0.002 –0.002 –0.002

(FFY 1989) (0.45) (–0.39) (–0.55) (–0.64)
Policy Factors

∆ Maximum aid payment 0.002 0.0004 0.002 0.002 0.002
(7/1989–7/1996) (3.03) (0.39) (2.99) (2.74) (3.50)

Waiver:  full–family –0.112 –0.201 –0.093 –0.098 –0.086
sanction (–1.43) (–1.83) (–1.09) (–1.22) (–1.17)

Waiver:  termination 0.148 0.246 0.139 0.168 0.144
time limit (1.71) (2.00) (1.46) (1.95) (1.88)

Waiver:  work requirement 0.031 0.027 0.016
time limit (0.41) (0.25) (0.20)

Waiver:  earnings 0.073 –0.024 0.085
disregard (0.92) (–0.22) (0.99)

Waiver:  JOBS –0.149 –0.072 –0.174 –0.135 –0.126
exemptions (–2.01) (–0.68) (–2.10) (–1.83) (–1.82)

Waiver:  family cap –0.079 0.022 –0.024
(–1.30) (0.23) (–0.33)

Adjusted R-squared 0.5090 0.6483 0.3709 0.645 0.655 0.683
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Table B.1.B

Determinants of State Variation in the Pre-TANF Period:  Dependent Variable—
Change in Level of Welfare Recipiency Rate, July 1989 to August 1996

(t-statistics in parentheses)

Specification
Independent Variables 1 2 3 4 5 6

Economic Factors

∆ Unemployment rate (av. 6.390 8.233 7.102 6.907 7.279
8/88–7/89) – av. (9/95–8/96))(4.39) (5.85) (4.87) (4.85) (6.17)

∆ 20th percentile wage 0.887 –8.141 –2.553 –0.882 –2.578
(1989–1996) (0.21) (–1.73) (–0.60) (–0.21) (–0.66)

Demographic Factors
Nonmarital birth rate 1.207 1.770 0.864 1.016 0.615

(av. (1985–1989)) (2.68) (2.85) (1.77) (2.16) (2.16)
IRCA legalization rate 0.101 0.051 0.0087 0.096 0.142

(1.82) (0.66) (1.51) (1.69) (3.20)
% with 3 or more children –1.978 –2.977 –1.678 –1.687 –1.585

(FFY 1989) (–3.32) (–4.36) (–2.93) (–2.98) (–3.81)
% with child aged 0–2 –.0348 0.023 –0.342 –0.229

(FFY 1989) (–0.93) (0.05) (–0.95) (–0.65)
% black case head –0.0175 –0.048 –0.012 –0.071

(FFY 1989) (–0.17) (–0.31) (–0.11) (–0.70)
% Hispanic case head 0.223 0.433 0.191 0.141

(FFY 1989) (1.40) (2.08) (1.18) (0.90)
% Asian case head 0.211 0.617 0.055 0.062

(FFY 1989) (1.09) (2.86) (0.29) (0.33)
% Native American case head 0.190 0.027 0.096 0.070

(FFY 1989) (1.06) (0.11) (0.51) (0.40)
Policy Factors

∆ Maximum aid payment 0.192 –0.027 0.068 0.052 0.086
(7/1989–7/1996) (2.28) (–0.53) (1.60) (1.31) (2.52)

Waiver:  full-family –5.757 –10.093 –3.832 –4.814 –4.163
sanction (–1.14) (–1.68) (–0.83) (–1.09) (–1.00)

Waiver:  termination 6.827 13.212 6.586 7.444 5.265
time limit (1.22) (1.97) (1.28) (1.57) (1.21)

Waiver:  work requirement 3.946 3.382 1.838
time limit (0.83) (0.57) (0.41)

Waiver:  earnings 2.963 –3.027 3.435
disregard (0.58) (–0.50) (0.74)

Waiver:  JOBS –9.632 –0.654 –7.217 –6.324 –5.754
exemptions (–2.01) (–0.11) (–1.61) (–1.55) (–1.46)

Waiver:  family cap –5.870 –3.901 –5.377
(–1.50) (–0.75) (–1.36)

Adjusted R-squared 0.7145 0.6543 0.5558 0.756 0.754 0.760
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Table B.2.A

Determinants of State Variation in the Pre-TANF Period:  Dependent Variable—
Percentage Change in Welfare Recipiency Rate, July 1989 to August 1992

(t–statistics in parentheses)

Specification
Independent Variables 1 2 3 4

Economic Factors

∆ Unemployment rate (av. (8/88 – 0.032 0.035 0.042 0.048
7/89) – av. (9/95 – 8/92)) (1.31) (1.36) (1.76) (2.62)

∆ 20th percentile wage –0.234 –0.237 –0.207 –0.154
(1989–1992) (–1.76) (–1.68) (–1.58) (–1.76)

Demographic Factors
Nonmarital birth rate –0.005 0.001 –0.0009 –0.005

(av. (1985–1989)) (–0.47) (0.10) (–0.09) (–0.94)
IRCA legalization rate 0.001 0.0004 0.0003 0.001

(0.84) (0.3.0) (0.29) (1.32)
% with 3 or more children –0.016 –0.009 –0.008 –0.007

(FFY 1989) (–1.42) (–0.77) (–0.73) (–0.88)
% with child aged 0–2 0.006 0.009 0.007

(FFY 1989) (0.70) (1.10) (0.88)
% black case head 0.0008 –0.002 –0.0009

(FFY 1989) (0.39) (–0.70) (–0.46)
% Hispanic case head 0.003 0.0004 0.001

(FFY 1989) (0.79) (0.13) (0.36)
% Asian case head 0.0005 –0.001 –0.001

(FFY 1989) (0.13) (–0.25) (–0.29)
% Native American case head –0.0007 –0.001 –0.0008

(FFY 1989) (–0.18) (–0.34) (–0.23)
Policy Factors

∆ Maximum aid payment 0.002 0.002 0.002 0.002
(7/1989–7/1992) (1.72) (1.25) (1.37) (2.12)

Waiver:  full–family –0.185 –0.179 –0.169
sanction (–1.99) (–2.04) (–2.14)

Waiver:  termination 0.208 0.211 0.193
time limit (1.97) (2.21) (2.29)

Waiver:  work requirement –0.023
time limit (–0.25)

Waiver:  earnings –0.003
disregard (–0.03)

Waiver:  JOBS –0.071 –0.063 –0.056
exemptions (–0.79) (–0.79) (–0.75)

Waiver:  family cap 0.071
(0.82)

Adjusted R-squared 0.239 0.287 0.330 0.384
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Table B.2.B
Determinants of State Variation in the Pre-TANF Period:  Dependent Variable—

Change in Level of Welfare Recipiency Rate, July 1989 to August 1992
(t–statistics in parentheses)

Specification
Independent Variables 1 2 3 4

Economic Factors

∆ Unemployment rate (av. 8/88 – 1.626 2.164 2.026 2.361
7/89) – av. (9/91–8/92)) (1.80) (2.23) (2.30) (3.38)

∆ 20th percentile wage –4.297 –2.224 –3.013 –2.711
(1989–1992) (–0.87) (–0.42) (–0.62) (–0.68)

Demographic Factors
Nonmarital birth rate 0.272 0.318 0.380 0.264

(av. (1985–1989)) (0.75) (0.80) (1.05) (1.27)
IRCA legalization rate 0.070 0.047 0.046 0.084

(1.58) (1.04) (1.06) (2.67)
% with 3 or more children –1.462 –1.183 –1.168 –0.931

(FFY 1989) (–3.46) (–2.63) (–2.78) (–2.99)
% with child aged 0–2 –0.189 –0.193 –0.154

(FFY 1989) (–0.65) (–0.63) (–0.56)
% with black case head 0.052 0.015 –0.007

(FFY 1989) (0.69) (0.16) (–0.09)
% Hispanic case head 0.230 0.196 0.179

(FFY 1989) (1.93) (1.56) (1.54)
% Asian case head 0.128 0.069 0.065

(FFY 1989) (0.88) (0.46) (0.46)
% Native American case head 0.066 0.092 0.061

(FFY 1989) (0.47) (0.58) (0.45)
Policy Factors

∆ Maximum aid payment 0.045 0.025 0.025 0.065
(7/1989–7/1992) (0.88) (0.48) (0.52) (1.82)

Waiver:  full–family –6.129 –6.425 –7.098
sanction (–1.76) (–1.98) (–2.36)

Waiver:  termination 6.760 7.202 6.554
time limit (1.71) (2.03) (2.05)

Waiver:  work requirement –0.792
time limit (–0.23)

Waiver:  earnings 1.195
disregard (0.34)

Waiver:  JOBS –2.650 –2.574 –1.688
exemptions (–0.79) (–0.87) (–0.59)

Waiver:  family cap –1.310
(–0.41)

Adjusted R-squared 0.482 0.504 0.542 0.555
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Table B.3.A

Determinants of State Variation in the Pre-TANF Period:  Dependent Variable—
Percentage Change in Welfare Recipiency Rate, August 1992 to August 1996

(t-statistics in parentheses)

Specification
Independent Variables 1 2 3 4

Economic Factors

∆ Unemployment rate (av. 9/91 – 0.025 0.018 0.022 0.031
8/92) – av. (9/95–8/96)) (1.59) (1.00) (1.32) (2.14)

∆ 20th percentile wage –0.094 –0.010 –0.077 –0.170
(1992–1996) (–1.46) (–1.27) (–1.16) (–3.13)

Demographic Factors
Nonmarital birth rate 0.012 0.013 0.013 0.003

(av. (1988–1992)) (2.57) (2.43) (2.63) (0.84)
IRCA legalization rate 0.0003 –0.0001 0.00006 0.0006

(0.45) (–0.17) (0.09) (1.18)
% with 3 or more children –0.011 –0.010 –0.012 –0.006

(FFY 1992) (–1.85) (–1.63) (–1.96) (–1.21)
% with child aged 0–2 –0.010 –0.010 –0.010

(FFY 1992) (–1.77) (–1.71) (–1.59)
% black case head –0.0007 –0.0008 –0.001

(FFY 1992) (–0.68) (–0.67) (–0.93)
% Hispanic case head 0.001 0.002 0.001

(FFY 1992) (0.59) (0.81) (0.70)
% Asian case head 0.004 0.004 0.005

(FFY 1992) (1.86) (1.70) (1.93)
% Native American case head –0.002 –0.003 –0.002

(FFY 1992) (–1.14) (–1.35) (–1.19)
Policy Factors

∆ Maximum aid payment –0.0003 –0.0002 –0.0004 –0.000001
(7/1992–7/1996) (–0.39) (–0.30) (–0.58) (–0.00)

Waiver:  full-family –0.022 –0.015 0.002
sanction (–0.42) (–0.30) (0.03)

Waiver:  termination 0.088 0.066 0.0127
time limit (1.44) (1.19) (0.23)

Waiver:  work requirement 0.070
time limit (1.36)

Waiver:  earnings –0.035
disregard (–0.62)

Waiver:  JOBS –0.031 –0.046 –0.055
exemptions (–0.60) (–0.97) (–1.15)

Waiver:  family cap –0.052
(–1.11)

Adjusted R-squared 0.506 0.505 0.496 0.418
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Table B.3.B

Determinants of State Variation in the Pre-TANF Period:  Dependent Variable—
Change in Level of Welfare Recipiency Rate, August 1992 to August 1996

(t-statistics in parentheses)

Specification
Independent Variables 1 2 3 4

Economic Factors

∆ Unemployment rate (av. (9/91– 3.393 2.975 3.224 3.543
8/92) – av. (9/95–8/96)) (2.63) (1.97) (2.27) (2.98)

∆ 20th percentile wage –7.244 –9.810 –6.344 –12.160
(1988–1992) (–1.35) (–1.47) (–1.13) (–2.77)

Demographic Factors
Nonmarital birth rate 1.153 1.115 1.230 0.449

(av. (1985–1989)) (2.90) (2.40) (2.85) (1.48)
IRCA legalization rate 0.013 –0.007 0.003 0.062

(0.23) (–0.12) (0.05) (1.42)
% with 3 or more children –1.156 –1.105 –1.210 –0.833

(FFY 1992) (–2.39) (–2.11) (–2.35) (–2.00)
% with child aged 0–2 –0.351 –0.360 –0.355

(FFY 1992) (–0.74) (–0.70) (–0.70)
% black case head –0.089 –0.065 –0.106

(FFY 1992) (–1.00) (–0.62) (–1.13)
% Hispanic case head 0.088 0.127 0.095

(FFY 1992) (0.59) (0.78) (0.60)
% Asian case head 0.209 0.189 0.228

(FFY 1992) (1.06) (0.86) (1.11)
% Native American case head –0.156 –0.169 –0.160

(FFY 1992) (–1.05) (–1.02) (–1.03)
Policy Factors

∆ Maximum aid payment –0.026 –0.005 –0.032 0.013
(7/1992–7/1996) (–0.45) (–0.08) (–0.51) (0.21)

Waiver:  full-family –0.641 –0.821 0.532
sanction (–0.15) (–0.19) (0.13)

Waiver:  termination 4.432 3.733 –0.217
time limit (0.85) (0.79) (–0.05)

Waiver:  work requirement 3.639
time limit (0.84)

Waiver:  earnings –0.460
disregard (–0.09)

Waiver:  JOBS –0.947 –1.743 –1.642
exemptions (–0.21) (–0.44) (–0.43)

Waiver:  family cap –5.879
(–1.48)

Adjusted R-squared 0.505 0.481 0.475 0.448
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evolution of caseloads (such as implemented by Figlio and Ziliak, 1999).
However, even though our strategy does not use a time-series model, it
does recognize the role of dynamic relationships linking economic
conditions and caseload trends.  Empirical specifications model the
evolution of caseloads as depending on the values of economic variables
averaged over a fixed period of time before caseload values are measured.
Consequently, our estimated equations implicitly presume that a
distributed lag relationship links economic variables and caseload
measures, with the distributed lag represented by an equally weighted
series of previous values truncated after a particular length.  Such a
formulation acknowledges that unemployment and wages can be
extremely volatile.  A one-month increase in the unemployment rate may
have little long-term effect on welfare recipiency, especially given the
seasonal nature of unemployment rates.  On the other hand, an extended
period of high unemployment could lead to persistently high welfare
recipiency, even after the economy improves.  The specifications shown
in these tables use an averaged one-year lag; we considered differences in
average unemployment rates over the previous 6, 12, 18, 24, and 30
months at the beginning and end of the period.  Our results were not
sensitive to the length of the averaging period.
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